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Abstract—This study was conducted to evaluate the factors influencing
students’ intention to use E-learning system. Seven dimensions in this study
include Computer self-efficacy, Computer experience, Enjoyment, System
characteristics and Subjective norm, Perceived ease of use, and Perceived
usefulness. The authors used a survey with participation of 246 respondents
from 20 universities in Vietnam. The data was analyzed by using descriptive
statistics, factor analysis and regression. The research found the positive effect
of Computer self-efficacy, Computer experience, Enjoyment on Perceived ease
of E-learning use, the effect of Enjoyment, Subjective norm, Perceived ease of
E-learning on Perceived usefulness of E-learning, and the positive effect of
Perceived ease of E-learning, Perceived usefulness of E-learning on Intention to
use E-learning. The empirical results showed Computer self-efficacy has no
impact on Perceived usefulness of E-learning, and System characteristics does
not affect Perceived ease of E-learning use. Finally, this study suggests some
solutions in order to help universities to attract more students in participating in
E-learning although E-learning is not compulsory.

Keywords—E-learning, Intention, Student, Perceived usefulness, Perceived
ease of use.

1 Introduction

With the ongoing Industry 4.0, E-learning method has become the leading choice
when it comes to education. It is an effective and feasible method, taking advantage of
the advancements of electronic means as well as the Internet to transfer knowledge
and skills to individuals and organizations anywhere in the world at any time. The
development of information technology and the Internet during the last decade has
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enabled new educational delivery methods like E-learning. As a consequence,
universities and colleges are using E-learning extensively. Ref [34] found that more
than 1100 higher education institutions in the United States offered E-learning
courses. The need for pedagogical and technical knowledge to teach in an E-learning
mode is important and thus the skills necessary to teach in the E-learning environment
have become a core competence for teachers. Given the expansion of E-learning, the
crucial issue is how and to what extent are E-learning and information technology
changing the dynamics of teaching and learning [25]. In addition, the issue of how to
improve student learning outcomes is also an important subject for investigation in the
educational world [17]. With rich traditional training tools, E-learning communities
and online discussions, E-learning helps people expand access to training courses with
low cost. From the past until now, Vietnam prefers the traditional teaching method. In
other words, this traditional method takes the teacher's activity as the center and is the
process of transferring information from teachers to students. The teacher - the person
standing on the podium, is the living “knowledge of mankind”, the student is the
listener, memorizing and taking notes of everything. Due to the high emphasis on
teachers, the disadvantage of traditional teaching methods is that students acquire
knowledge too passively. Lectures are often simple and boring and are theory-based
with little attention to students' skills; therefore, practical skills are limited. Therefore,
E-learning has become a trend in recent time. The implementation of E-learning in
teaching and training is an indispensable direction to deliver Vietnamese education to
global education. In Vietnam, schools and universities are also having E-learning
systems to help Vietnamese students learn more effectively. However, most of the
universities in Vietnam have applied E-learning methods to distance learning systems
but not widely applied extensively at the school itself. There are still many barriers
stemming from the students' own opinions and attitudes that affect the application of
E-learning. Therefore, the authors decided to study “The effect of factors on students'
intention to use E-learning system”. This study identifies the factors that affect
students' intention to use E-learning, thereby makes some recommendations to
universities to attract more students in participating in E-learning until it is officially
implemented for the universities’ training systems.

2 Literature Review and Hypothesis

2.1  E-learning

E-learning is an efficient learning method conducted via electronic media, typically
on the Internet. E-learning is progressively expanding, especially in the areas of
distance education and business enterprise training [38][21]. E-learning can be
universally understood as an academic process that utilizes information and
communication technology to train, convey learning content, more deeply
communicate between students and teachers, and to deftly manage lecture [54].

E-learning challenges in traditional training and studying methods and provides
new solutions to the critical problems that online learning is inevitably having. For
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example, the role of teachers is changing from knowledge importers to knowledge
communicators [22]. E-learning could be a more effective way of learning than in a
crowded classroom. It is self-study and active learning [35]. In addition, E-learning
uses various types of educational tools in learning and education. E-learning has the
same meaning as technology-enhanced learning (TEL), computer-based instruction
(CBI), computer-based training (CBT), computer-assisted instruction (CAl), Internet-
based training (IBT), web-based training (WBT), online education, virtual education,
virtual learning environment (VLE) (also known as the learning platform), and
learning and digital education collaboration.

Theory of Reasoned Action (TRA): Theory of reasoned action (TRA) was
founded by Ajzen and Fishbein in the late 1960s and expanded in the 1970s.
According to TRA, the most crucial factor determining human behavior is the
intention of performing such actions. Behavioral intention is the intention to perform
certain behaviors. Behavioral intention is affected by two factors: a person's attitude
(Attitude) about behavior and subjective norm (Subjective Norm) related to behavior.

Theory of Planned Behavior (TPB): Theory of planned behavior represents an
improved development of rational action theory [2]. The introduction of the TPB
proposed behavioral theory stems from the limit of behavior where people retain little
control, even though the motivation of the subject is exceptionally high from
subjective attitudes and standards, but in some case, they still do not act because of
the effects of external conditions on the intention of behavior [2]. This theory has
been supplemented by introducing other factors to control cognitive behavior
(Perceived Behavioral Control) [3]. Behavioral control awareness reflects how easy or
difficult it is to perform a behavior and whether its behavior is controlled or limited
[3]. According to the TPB model, motivation or intention remain the fundamental
motivating factor for consumers' behavior. The motives or intentions are guided by
three basic prefixes: attitude, subjective norms and control of cognitive behavior.

Technology Acceptance Model (TAM): The Technology acceptance model
(TAM) model was developed from the theory of reasoned action - TRA [14] and the
theory of planned behavior - TPB [3] with a specific focus on examining perceived
usefulness and perceived ease of use to user attitudes and intentions [10][11][44].
Following studies developed the TAM model with more variables and excluded the
impact of perceived usefulness on attitudes to services.

The model of E-learning: Personal competence and subjective elements influence
students' attitudes to E-learning and the intention to implement the E-learning system
[36]. While the capability to access the system is not a prominent cause because in
developed countries, there is a compulsory infrastructure of information system.
Accordingly, the most important factor is your potential to use the E-learning system.
Ref [36] explained personal ability was a motivating factor within each individual;
according to the social learning theory of psychologist the more confident you are in
your ability, the better the learning process will be [36].

Ref [32] indicated that the types of E-learning presentation are related to the
intended use. Presentation, which includes both text and audio, makes the intended
use and concentration of the learning process higher than the other two forms of
presentation.

1JET — Vol. 15, No. 18, 2020 167



Ref [39] proved the close relationship between awareness of external control and
awareness of the ease of use. In addition, if students are interested, applying the E-
learning system will be easier. However, the theoretical framework has eliminated the
attitude of users because they think that opinion has no significant influence on the
use. But the external factors are important elements to accurately assess the
technology acceptance.

Ref [27] have applied the theoretical framework in the model based on the
acceptance model of TAM technology, developing additional exogenous elements
such, as computer self-efficiency, computer experience, enjoyment, computer anxiety,
organizational accessibility, system characteristics and subjective norms.

Computer self-efficacy: An individual's ability to use a computer is an
individual's ability to perform computer-related operations using computer systems
[45]. In the current technological context, the capability of students with high
computer skills will encourage them to become more confident and motivated with
the adoption of the E-learning system. Moreover, they who are highly competent in
computer use will be more willing to employ the E-learning system than individuals
with less computer potential [26]. According to [8] Computer self-efficacy has been
found to significantly influence individuals' expectations for the results of computer
use, their emotional response to computers (influence and anxiety), as well as their
actual use of computers. An individual's ability and expectation of results have been
found to be positively influenced by the encouragement of others in their workgroup,
as well as the use of others' computers. Therefore, self-efficacy represents an
important personal trait, regulating the organization's influence (such as
encouragement and support) in an individual's decision to use a computer.
Understanding your self-efficacy, then, is critical to the successful implementation of
systems in organizations. The existence of a reliable and valid measure of their own
self-efficacy makes the assessment feasible and meaningful for the organization's
support, training and implementation. [1] pointed out that the concept of Computer
self-efficacy (CSE) has recently been proposed as important for personal behavioral
research in information technology. This study describes how the two types of beliefs
about Computer self-efficacy, general efficiency and effectiveness of specific tasks,
are built across different computing tasks by showing CSE trust. The general will
strongly predict the next CSE specific belief. [47] have shown that the use of a
learning management system shows that Computer self-efficacy plays an important
role in mediating the impact of anxiety on ease of use. easy. This role is observed by
the effectiveness of computers (1) reducing the power and importance of the impact
of anxiety on ease of use and (2) having a strong and meaningful relationship with the
anxiety of computers. The findings show the importance of self-efficacy as a mediator
between computer anxiety and the perceived ease of use of a learning management
system (LMS).

H1: Computer self-efficacy has a positive impact on Perceived ease of E-
learning use.

H2: Computer self-efficacy has a positive impact on Perceived usefulness of E-
learning.
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Computer experience: Computer experience can be instantly understood as the
personal understanding of using a computer, which is all the direct manipulations,
websites or purposes when working with a user's computer. Sandra carefully
discussed the success of an E-learning system based on the user's experience on
computers and the Internet). Ref [33] pointed that Computer experience was found to
be significantly related to more positive attitudes on all subscales. Ref [42] showed
that although computer experience is the most prominent predictor of technophobia, it
is not the only predictor— age, gender, teaching experience, computer availability,
ethnicity, and school socioeconomic status also play an important role in predicting
technophobia. Computer playfulness and computer experience were found to be
significant mediators of the effect that system experience has on ease of use [19].

H3: Computer experience has a positive impact on Perceived ease of E-learning
use.

Enjoyment: Ref [47] conducted empirical research on student intentions of a web-
based learning system. The authors have combined the technology intent model
(TAM) to include interest as an intrinsic motivation. The study expanded TAM to
include cognitive interest in order to clarify student Intentions behavior in using web-
based learning system from a motivational perspective. This study was conducted on
two different subjects (China versus Canada). Ref [31] conducted a study in the role
of external and internal motivation for students the intention of internet-based
learning media. The authors used the technology intent model as a theoretical basis
for their research. They demand that perceiving usefulness and perceiving ease of use
as external motives and that enjoyment is intrinsic motivation. Ref [50] conducted
empirical research on the causal relationship between cognitive enjoyment and ease of
use. Ref [52] argues that enjoyment is the level of user interest in using a system
regardless of the possible consequences of its application. The causal relationship
between enjoyment and the perceived ease of using E-learning has also been
confirmed in Lee's research [30]. Ref [43] studied the role of cognitive usefulness,
perceived ease of use, and found enjoyment in the intention to use the Internet. The
findings indicate that the usefulness used is negligible, while the cognitive enjoyment
used is strongly correlated with internet usage. In short, interest seems to be a very
important factor that can influence e-learning intent in higher education. Therefore,
the researcher will consider interest as important variables to be studied.

H4: Enjoyment has a positive impact on Perceived ease of E-learning use.

System characteristics: Function of an E-learning system represents the ability to
give users flexible access to the structure [37]. When an electronic learning system
incorporates audio, visual and textual methods, it will increase user interactivity [32].
System quality measures the functionality of a system which comprises usability,
availability and response time [12]. It is also “concerned with whether or not there are
“bugs” in the system, the consistency of the user interface, ease of use, response rates
in interactive systems” [7]. The importance of these features are confirmed in a study
whereby online users were found to be very particular on issues such as easiness to
read and navigate [49]. It was also established that a responsive web site proves to be
highly important to end-users [41]. Usage generally refers to “either the amount of
effort expended in interacting with an information system or, less frequently, as the
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number of reports or other information products generated by the information system
per unit time” [46]. In addition, some authors suggest that usage refers to the nature,
quality and appropriateness of the actual system use and not just simply a measure of
time spent on the system [12].
H5: System characteristics has a positive impact on Perceived ease of E-
learning use.
H6: System characteristics has a positive impact on Perceived usefulness of E-
learning.

Subjective norms: Stakeholder influence means that students choose to study E-
learning because those around them, such as relatives or friends, also use the system.
Moreover, Ref [36] also pointed out that this factor has a significant effect on the
usefulness of E-learning. Subjective norm is the perception of the person most people
who think that he should or should not perform the behavior in question [14]. It is also
conceptualized as standard beliefs [53], social influence [28], and social norms [24],
and was initially part of TRA [14]. However, subjective norm mentioned is a
problematic aspect of [10] it was removed from TAM. Despite this argument, many
studies have incorporated its formulation thereafter. In most cases, subjective norms
are directly and significantly related to one's intention to use the system [48]. The
reason is that when everyone in an individual environment thinks he should adopt the
system; he tends to adhere to these ideas and accept the system. Ref [52] argue that
this mechanism, which they call the compliance effect, occurs only in obligatory
situations. Because our VLE environment constitutes a mandatory environment
(meaning participants must use the system to complete the course), we follow their
logic. A second mechanism through which subjective standards influence technology
adoption is through cognitive usefulness. This is the mechanism of internalization
[52]. When a person realizes that important referrals think he should use the system,
he incorporates the referrer's trust into his own belief system: because a large humber
of people can't be wrong In their opinion, the system must be useful in their purpose.
Localization can take place regardless of whether system application is mandatory or
voluntary. On the basis of social mechanisms of compliance and internalization, we
hypothesize,

H7: Subjective norm has a positive impact on Perceived usefulness of E-
learning.

Perceived ease of use: Perceived ease of E-learning use is the degree to which an
individual's confidence in exercising a technology system grants them freedom and
comfort [10]. Previous studies have also shown that perceived ease of E-learning use
positively and significantly affects perceptions usefulness of E-learning [6][10][23].
TAM suggests that perceived ease of use and perceived usefulness of information
Technology (IT) are the main determinants factors of IT usage. Ref [10] defines
perceived ease of use as, “the degree to which an individual believes that using a
particular system would be free of physical and mental effort”. The two major keys
constructs of TAM, perceived usefulness and perceived ease of use, have capability to
predict an individual’s attitude towards using a particular system. Both constructs
perceived ease of use and perceived usefulness will influence an individual’s attitude
[10] defined attitude as individual’s positive or negative assessment of the behavior
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and is a function of Perceived Usefulness and Perceived Ease of Use. Attitude will
influence the Behavioral Intention of using particular system, and in sequence, actual
use of use the system. Attitude will be predicted by individual’s Behavioral Intention.
Behavioral Intention refers to individual’s intention to perform a behavior and is a
function of Attitude and Perceived Usefulness [10].

H8: Perceived ease of E-learning use has a positive impact on Perceived

usefulness of E-learning.

H9: Perceived ease of E-learning use has a positive impact on Intention to use

E-learning.

Perceived usefulness: Perceived usefulness is the level of loyal users who have in
the system that will promote them to improve their performance [10]. [10] defined
perceived usefulness as “the degree of which a person believes that using a particular
system would enhance his or her job performance”. Perceived usefulness is reported
to be one of the factors that significantly influence user intention.

H10: Perceived usefulness of E-learning has a positive impact on Intention to
use E-learning.

Computer self-
efficacy

Computer experience Perceived ease of use

Enjoyment ) l

Perceived usefulness

Intention

System
characteristics

Subjective Norm

Fig. 1. Conceptual Model

3 Methodology

3.1 Instrument

The authors designed a survey questionnaire in two main parts. Part A is the
personal information section including gender, region, computer and E-learning usage
status. Simultaneously, there are also questions to select the survey sample, about the
status of E-learning (used, is using, and has never used). Survey results with used and

iJET - Vol. 15, No. 18, 2020 171



is using will be discarded by the author. Part B is perceptive questions related to the
use of computers and E-learning systems through a 5-point Likert scale with 30
observed variables (1-strongly disagree; 2- disagree; 3-neutral; 4-agree; 5-Strongly
agree). The scale was built by the authors based on questions that survey the
confirmed status of E-learning use of student questions in the test of factors affecting
their intentions based on the selective inheritance of the questions used in the
questionnaire of previous studies.

3.2 Sample

The size of the sample depends on the analytical method. According to the research
of [20][4], the minimum sample size is 5 times the total number of observed variables.
This sample size is suitable for research using factor analysis [9][13]. The sample size
must satisfy the following formula: n >= 5*m = 5*22 =110 (where: n is the sample
size; m is the number of questions in the survey). Therefore, this study requires a
minimum of 110 survey samples. In addition, according to [16], factor analysis
requires at least 200 observation samples. Therefore, to improve the reliability and
accuracy of the research model, the sample will be selected as n = 264. 246
participants of the study are all students from freshmen to senior in Vietham who have
been or have not used E-learning online learning method.

Table 1. Personal characteristics of participants

Characteristics Number Percentage
Male 56 22.8%
Gender Female 187 76%
Other 2 0.8%
First-year 136 55.3%
. Second-year 35 14.2%
Year of academic Third-year 72 29.3%
Above Forth-year 3 1.2%
Hometown City 105 42.3%
Countryside 142 57.7%
Having computer Yes 233 95%
No 13 5%

3.3  Method

Data were accumulated by questionnaires, surveyed through the distribution of
questionnaires, and collected as soon as the research subjects completed their
answers. Each question was measured on a 5-point Likert scale. The survey was
conducted within 2 weeks. After the data collection process is completed, the team
will filter out the inappropriate questionnaires, enter the data into SPSS 20 software,
then verify and analyze the data obtained by Cronbach's Alpha, EFA, CFA, SEM,
Bootstrap and ANOVA.
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4 Results

4.1  Reliability analysis
Table 2. Reliability rating measured by Cronbach's Alpha
Observed Average scale if Variance of Correlation Cronbach Alpha
variables variable type scales if variable | between variable if variable type
type -sum
Computer self-efficacy (KNSDMT): Cronbach’s alpha: 0.790
CSE1 6.56 2.572 0.702 0.638
CSE2 6.51 3.064 0.587 0.763
CSE3 6.31 2.476 0.619 0.737
Computer Experience (TNMT): Cronbach’s alpha:0.805
CEl 741 2.121 0.625 0.771
CE2 7.43 2.432 0.660 0.729
CE3 7.09 2.298 0.682 0.703
System characteristics (CNHT): Cronbach’s alpha:0.743
SC2 10.72 2.667 0.618 0.634
SC3 10.70 2.653 0.639 0.621
SC4 11.13 3.328 0.427 0.741
SC5 11.00 3.224 0471 0.719
Enjoyment (TT): Cronbach’s alpha:0.847
El 6.94 3.992 0.657 0.845
E2 6.54 3.135 0.778 0.725
E3 6.72 3.072 0.731 0.776
Subjective norm (CBLQ): Cronbach’s alpha:0.866
SN1 6.47 2.860 0.690 0.862
SN2 6.71 2.687 0.783 0.775
SN3 6.76 2.803 0.763 0.796
Perceived Ease of Use (DSD): Cronbach’s alpha:0.841
PEU1 6.83 2.383 0.720 0.765
PEU2 6.88 2.218 0.743 0.740
PEU3 6.87 2.393 0.654 0.828
Perceived Usefulness (HI): Cronbach’s alpha:0.833
PU1 7.28 1.554 0.758 0.705
PU2 7.28 1.511 0.760 0.701
PU3 6.99 1.732 0.573 0.885
Intention (YD): Cronbach’s alpha:0.781

Bl1 7.01 2.358 0.618 0.706
BI2 7.28 1.940 0.688 0.628
BI3 7.30 2.668 0.569 0.759
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The test results show that the correlation coefficient of the total observed variables
with the scales is high, all over 0.4. This shows that the ascertained variables receive a
sound correspondence with the overall scale. The Cronbach’s alpha coefficient of the
scales are all above 0.7, so the scales for the official survey are reliable. No observed
variables were removed, and the scale is appropriate to use for the next EFA analysis

4.2  Exploratory Factor Analysis (EFA)

To analyze the exploratory factor analysis (EFA), so we used Principal Axis
Factoring method with Promax rotation. Because the Principal Axis Factoring method
with Promax rotation will reflect the data structure more accurately than the Principal
Components method with Varimax rotation [4]. Factor loading of each factor is
greater than 0.5. According to [20], factor loading is a criterion to ensure the practical
significance of EFA. Factor loading greater than 0.5 is of practical significance.

The results of the analysis of exploratory factors and observed variables yielded
good outcomes, with a coefficient of KMO = 0.782 and Sig = 0. KMO s a criterion to
consider the appropriateness of EFA, KMO value is in the range from 0.5 to 1 then
the factor analysis is appropriate. Bartlett's test looks at the hypothesis of a correlation
between zero observed variables in the population. If this test is statistically
significant with a value of Sig less than 0.05, the observed variables are correlated
with each other as a whole. The cumulative of variance of the seventh factor is
63,723% and the eigenvalues value of this factor is 1,151.

Table 3. KMO and Bartlett’s test

KMO and Bartlett's Test
Kaiser-Meyer-Olkin Measure of Sampling Adequacy. .782
Approx. Chi-Square 2812.733
Bartlett's Test of Sphericity df 231
Sig. 0.000

The KMO value is 0.681 and Sig < 0.05. It shows that the discovery factor analysis
result is highly reliable. The total value of extracted variance of this factor is 55,664 >
50% and the value of eigenvalues is 2,091 > 1. Therefore, this correlational analysis
ensures the ability to represent the initial data.

4.3  Confirmatory Factor Analysis (CFA)

The results show that Chi-square/df= 2,471 (< 3), TLI = 0.862, CFI = 0.888, GFI =
0.841 are all greater than 0.8, RMSEA coefficient = 0.077 (< 0.08), so the model has a
fit. The results of the P-value of the observed variables representing the factors are all
< 0.05. Therefore, the observed variables are confirmed to be able to represent well
for the factor in the CFA model.

The results also showed that except for the weight of the observed variable SC5
(understand the content through reasonable interface design) equal to 0.360 (< 0.5).
The remaining weights are all > 0.5, so the observed variable SC5 (interpreting the
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content through a streamlined interface design) needs to be considered for removal
from the model so that the scales can achieve convergent values.

After removing SC5 observation variables (understanding the content through
reasonable interface design) from the research model, the results of the observed
variables representing the factors are not as good as the previous model. Therefore, it
is not advisable to remove the SC5 observation variable (understand content through
logical interface design) from the model. However, the authors considered both the
research process and discovered the observed variable SC4 (useful functions for
learning) with the lowest load factor (= 0.500) and conducted a rejection test out of
the model.

As a result, the indexes of the model have been improved better. The value of Chi-
square / df = 2.397 (formerly 2,471), TLI = 0.874 (formerly 0.862), CFl = 0.899
(formerly 0.888), GFI = 0.850 (formerly was 0.841), RMSEA coefficient = 0.075
(previously 0.077). The result of the P-value of the observed variables representing
the factors is all equal to 0.000, so removing SC4 observation variables (practical
functions for learning) from the model is suitable.

The total coefficients of extraction variance and the general reliability of the scales
all attain values higher than 0.5. Therefore, the scale achieves convergence and
unidirectional values. As such, the research scales ensure the analytical requirements.

4.4  Structural Equation Modeling (SEM)

The criteria to measure the suitability of the model show that Chi-square/df = 2.502
TLI = 0.864, CFI = 0.887, GFI = 0.843 are all greater than 0.8, RMSEA coefficient =
0.078 < 0.08. As a result, the model Figure achieves research data consistency
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RMSEA=.078

Fig. 2. SEM results
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From Table 4, we can see that the hypothesis H5 (System characteristics has a
positive impact on Perceived ease of E-learning use.), and H2 (Computer self-efficacy
has a positive impact on Perceived usefulness of E-learning) should be rejected.

With 95% confidence, the greater the absolute value of these weights, the stronger
the corresponding concept of independence will affect the dependent variable. In this
case, “Perceived Usefulness” is the most powerful factor affecting “Intention”
(standardized regression weight is 0.505). Followed by “Perceived Ease of Use”
(standardized regression weight is 0.411). “Enjoyment” is the strongest factor
affecting “Perceived Ease of Use” (standardized regression weight is 0.325), followed
by “Computer experience” (regression weight has standardized is 0.281) and the
lowest is “Computer self-efficacy” (standardized regression weight is 0.233). For
“Perceived Usefulness”, “Subjective norm” is the most powerful factor (the
standardized regression weight is 0.294), the second is “Perceived Ease of Use”
(standardized regression weight is 0.250). And lowest is “System characteristics”
(standardized regression weight is 0.231).

45  Testing research hypotheses

Table 4. Hypothesis test’s results

Dependent Content Sig Result Impact

Variable Coefficient Coefficient level

Hypothesis

Perceived Computer self- Accepted

Ease of Use efficacy has a
positive impact

H1 .

on Perceived

ease of E-

learning use.

0.243 0.007 3

Computer Accepted
experience has a
positive impact
on Perceived
ease of E-
learning use.

H3 0.291 0.002 1

Enjoyment has a Accepted
positive impact
H4 on Perceived 0.272 0 2
ease of E-

learning use.

System Accepted
characteristics
has a positive
H6 impact on 0.376 0.006 1
Perceived
usefulness of E-
learning.

Subjective norm Accepted
has a positive
impact on
Perceived
usefulness of E-
learning.

H7 0.143 0 3

H8 Perceived ease 0.151 0 Accepted 2
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of E-learning
has a positive
impact on
Perceived
usefulness of E-
learning.

Perceived ease Accepted
of E-learning
use has a
positive impact
on Intention to
use E-learning.

H9 0.553 0 1

Perceived Accepted
usefulness of E-
learning has a
positive impact
on Intention to
use E-learning.

H10 0.273 0 2

5 Discussion and Conclusion

The research shows that there are 7 factors that are considered to influence
students' intention to use E-learning method, which are Computer self-efficacy,
Computer experience, Enjoyment, System characteristics and Subjective norm,
Perceived ease of use, and Perceived usefulness.

Through testing the research model with SEM method, the results show that the
hypotheses accepted with a 95% significance level include H1 (Computer self-
efficacy has a positive impact on Perceived ease of E-learning use), H3 (Computer
experience has a positive impact on Perceived ease of E-learning use), H4 (Enjoyment
has a positive impact on Perceived ease of E-learning use), H6 (System characteristics
has a positive impact on Perceived usefulness of E-learning), H7 (Subjective norm
has a positive impact on Perceived usefulness of E-learning), H8 (Perceived ease of
E-learning has a positive impact on Perceived usefulness of E-learning), H9
(Perceived ease of E-learning use has a positive impact on Intention to use E-
learning), H10 (Perceived usefulness of E-learning has a positive impact on Intention
to use E-learning). The degree of impact of each factor on student's intention to use is
different. In which, “Perceived usefulness” is the biggest, followed by “System
characteristics”, then “Computer experience”, fourth is “Perceived ease of E-learning
use”, “Enjoyment” is ranked fifth, sixth is “Computer self-efficacy,” and the lowest is
“Subjective norm”.

The role of lecturers is critical in the successful implementation of E-learning.
Lecturers must properly grasp the innovative learning method and be the one who
takes the initiative in participating in carefully preparing electronic lessons, case
studies, exercises for teaching, and for self-study of learners. Therefore, there must be
a form of equipment investment, support funding, training, exchange experience with
the help of new technology for the teaching staff to meet the most modern teaching
requirements as having methods, skills, ability to apply IT to teaching, design of
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electric lecture of good quality, capable of using advanced teaching facilities, self-
study capability, and scientific self-study.
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