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Abstract—There are benefits and challenges related to the recent worldwide
Covid-19-driven surge of social-media collaborative learning in higher educa-
tion. This research examines the antecedents influencing this ‘new normal’
phenomenon among university students to provide a causal model of under-
standing. This study was based on a purposive sample; a questionnaire was
completed by 371 university students. The analysis of the data obtained using
applied structural equation modelling of the partial least-squares technique, it
was found that the most influential antecedents included collaborative capabil-
ity and perceived enjoyment. Based on the results, we recommend that, owing
to the turbulent and changing requirements of social distancing and distance
learning, educational institutions and stakeholders invest in the improvement of
implied social-media collaboration and learning platforms.
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1 Introduction

Since the World Health Organization (WHO) officially codified the type-2 severe
acute respiratory syndrome coronavirus as the ‘COVID-19” disease in February 2020
[1], the pandemic has spread to all corners of the world, exerting shocking and some-
times catastrophic impacts to people from all walks of life. Thailand is not exempted
from this turmoil. The Kingdom’s first outbreak spawned from a Lumpinee Boxing
Stadium event on March 6, 2020 and an infection from Thai nationals returning from
their pilgrimages to Malaysia and Indonesia during the same year [2]. To contain the
pandemic, the government declared an emergency decree on March 24, 2020 that
detailed several restrictions, such as confining citizens to their residences during spec-
ified periods, blocking departures from ports of exit and prohibiting travel across
provinces. Numerous directives pertaining to social distancing and the suspension
certain business operations and services were also promulgated [2].

After the first COVID-19 wave subsided in June, 2020, several sectors of society
began to talk about the ‘new normal’, a term coined by the Royal Society of Thailand
pertaining to the new lifestyle restrictions, under which many pre-existing, familiar
and predictable conventions and practices were replaced by new, unfamiliar and
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sometimes unpredictable ones [3, 4]. The ‘new normal’ lifestyle encompasses patterns
of thought, learning, communications and organizational management techniques that
are adapted more for human survival rather than maintaining the status quo of tradi-
tion [5].

COVID-19 is radically transforming education sectors worldwide. After extensive
closures, institutions have adopted various methods of remote online education. Con-
sequently, policymakers, administrators, teachers, and learners implemented online
learning formats and cloud computing systems in their learning contexts. It has been
predicted that, after the pandemic, remote and collaborative learning technology
methods will become the ‘new normal’ in Thai education. Thus, attention should be
paid now regarding how to ensure that this ‘new normal’ will provide desirable edu-
cational outcomes [6].

Collaborative learning approaches are based on the idea that the synergy gained
from collaboration will result in greater educational achievement. It is a new approach
in which learners sharing mutual interests can exchange their experiences and ideas,
offering constructive feedback to one another and taking collective responsibility
rather than competing in order to create, solve and decide on solutions as a team. This
is being facilitated by advances in information and communication technology [7],
such as the application of social-media platforms for information exchange and col-
laborative learning [8-11]. These methods have been effective worldwide in enabling
two-way interactions among teachers, learners and partners anywhere and anytime
[12].

In the context of Thailand, however, little research has been conducted to examine
the application of social-media platforms for collaborative learning. A search of Thai
Journals Online over a period of 10 years from 2010 to 2019 using the keyword ‘so-
cial media’ with ‘collaborative learning’ yielded very few directly relevant results,
especially those relating to tertiary education. Therefore, to help fill this research gap,
we wish to develop an understanding of the application of social-media platforms for
collaborative learning in tertiary education during this ‘new normal’ era. The present
study provides a model for determining the linkage between the factors involved in
this vision and to solve related problems using a causal relationship approach. It is
expected that the findings will benefit educational institutions at the tertiary level, as
well as related authorities involved in the pursuit of online instructional management.
It is ultimately desired that the application of social-media platforms for collaborative
learning will become more widespread in the aftermath of COVID-19, which will
necessitate new approaches to instructional management, including the provision of
distance education through online systems, advanced information and communication
technologies and more efficient social-media platforms.

1.1  Research questions

1. What are the factors influencing the adoption of social-media platforms for collab-
orative learning among Thai university students during the ‘new normal’ era?

2. What are the causal relationships of the factors influencing the adoption of social-
media platforms for collaborative learning among Thai university students during
the ‘new normal’ era?
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1.2 Research objectives

1. To examine the factors influencing the adoption of social media platforms for col-
laborative learning among Thai university students during the new ‘normal era’.

2. To examine the causal relationships of the factors influencing the adoption of so-
cial media platforms for collaborative learning among Thai university students dur-
ing the ‘new normal’ era.

2 Literature Review

2.1  Collaborative Learning (CL)

There are many researches studied about collaborative learning (CL) and its appli-
cations. Refer to Laal and Ghodsi [75], a collaboration is an interaction among indi-
viduals who are not only responsible for their learning but also respect the abilities
and contributions of their peers. In terms of educational context, collaborative learn-
ing is an approach focusing on groups of learners at various performance levels who
work together to achieve a common goal, similar to Khadka, Money, and Banic [77],
such as solving a problem, completing a task, or creating a product. One the contrary,
the competition to find the best individuals among others is not preferred. Moreover,
Shih and Yang [76] studied a Collaborative Virtual Environment (CVE) in language
learning and described CL as an environment in which learners are allowed and en-
couraged to interact and give one another support with their learning. It also takes
learner profiles, objects, and the learning world into account.

According to Anderson [78], CL is used to support social presence and make the
environment that students feel comfortable and safe to express their opinions. With a
low degree of social presence, the students are unable to share disagreements and
viewpoints and do not want to accept support from peers and teachers. Moreover, CL
supports a teaching presence which is the design of learning experience both before
and during the learning process. It helps a teacher to implement suitable activities
among groups of students and enhance the role of teaching to be more than just mod-
erating the classes since the students can participate to contribute their own skills to
the learning communities as well.

The benefits of collaborative learning are various. Laal and Ghodsi [75] mentioned
that CL leads people to know each other and extend their activities outside of class
when they continue communicating later. Moreover, CL encourages diverse relation-
ships and understanding as the learners are allowed to engage in personal and build
meaningful learning through collaboration [76] which lead to the development of high
levels of thinking skills [75]. It also develops communication skills of learners and
self-management. CL allows teachers to observe the engagement of the students and
the way they interact with questions, solve problems and discuss their ideas which
lead to the development of more inclusive assessment [75].

Collaborative learning can be used in several contexts. According to Shih and
Yang [76], a Collaborative Virtual Environment (CVE) can be applied with language
learning. In the study, CL is integrated to help Taiwanese students improve learning
English and develop communicative competence through a CL tool called VEC3D. It
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is a 3D interactive learning environment based on the principles of constructivist
learning design, collaborative learning, communicative language teaching and goal-
based scenarios which encourage students to interact and support others with their
language learning. The study found that virtual communities with interac-
tion/collaboration are related to the success of English communication. In addition,
another study [77] also supports the fact that collaborative virtual environments en-
courage the learners to work together in a shared environment. In this context, re-
search scientists who use multiple types of visualizations and platforms can collabo-
rate to enhance scientific workflow which lead to unique analysis and discovery.

Moreover, CL can be used in online learning contexts [78]. Though it is very chal-
lenging to build collaborative learning when students are at different places in online
learning, many institutions including Athabasca University are developing both real-
time synchronous and asynchronous technologies to serve the learning preferences
and needs and also enhance the effectiveness of learning. Furthermore, collaboration
among and between students and teachers is a key for productive learning. Online
learning then allows the teacher to build in video or presentations to enhance their
presence to the learners.

According to the reviews mentioned above, collaborative learning (CL) is very im-
portant to enhance and support the learning community of the students. Nowadays,
CL takes a role an effective educational approach to motivate the learners who study
from different places. It can also be integrated in online platform to build comfort
environment for students to participate actively.

3 Development of the Conceptual Framework and the Research
Hypotheses

To develop the conceptual frameworks for examining the factors influencing the
adoption of social-media platforms for collaborative learning among Thai university
students during the new normal era, Davis’s [13] technology-acceptance model
(TAM) and Curtis et al.’s [14] unified theory of acceptance and use of technology
(UTAUT) were employed. According to their frameworks, influential factors include
key stakeholders’ perceptions, perceived usefulness, perceived enjoyment, infor-
mation and resource-sharing capability, team-working ability and the adoption of
social-media platforms for collaborative learning. The details are presented in the
following sections.

3.1  Technology-Acceptance Model (TAM)

Built upon Fishbein and Ajzen’s [15] theory of reasoned action, the TAM postu-
lates that users will accept a certain technology only when the factors that affect their
decision to accept such a technology are existent. The model focuses on examining
the factors influencing information technology behavioural intention. These factors
are external variables, perceived usefulness and perceived ease of use. External varia-
bles refer to contextual factors influencing the perceived usefulness and the perceived
ease-of-use of a technology. They are sometimes based on demographic characteris-
tics and previous experiences. Next, perceived usefulness refers to the extent to which
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individuals perceive the usefulness of a certain technology in enhancing their job
performance [13]. Finally, perceived ease of use refers to the degree of effort and
complexity that individuals perceive as being involved in the use of a certain technol-

ogy [13].

3.2 Unified Theory of Acceptance and Use of Technology (UTAUT)

First proposed by Venkatesh et al. [16], UTAUT draws on various models that ex-
amine users’ acceptance of technology to ensure a comprehensive coverage of per-
spectives. Venkatesh et al. claimed that it could explain variance by as much as 70%
[17]. As a result, it has been widely accepted and applied in several research contexts,
such as studies investigating the acceptance of electronic and mobile health applica-
tions [18]. The tenet behind their theory is that users’ intentions to accept and use a
certain technology results from three constructs: performance expectancy (PE), refer-
ring to users’ belief that the technology will be able to enhance their job performance;
effort expectancy (EE), referring to the perceived ease of use of the technology; and
social influence (SI), referring to the social determinant of behavioural intention (BI)
and the actual use behaviour.

3.3 Development of the research hypotheses

Perceived critical mass refers to situations in which users form perceptions based
on others who influence their thoughts, decision-making and world views, such as
friends, classmates and social contacts. These people, in some instances, may exert
more persuasive power than their family members. As a result, should the user per-
ceive those groups as accepting of their use of social-media platforms for learning and
professional collaboration, they will be more likely to also favour the practice itself
[19, 20, 21, 22, 23, 24]. Sanchez et al. [25] and Ci¢evi¢ et al. [26] similarly found that
the acceptance of social-media platforms for communication and learning collabora-
tion among students resulted from their awareness of the acceptance of their influenc-
ers. Additionally, Milosevic et al. [27] and Ifinedo [28] reported that the perceptions
formed based on influencers had a positive correlation with students’ acceptance and
use of social-media platforms for collaborative learning in their virtual classrooms.
Based on these findings, our first hypothesis is formed as follows:

H1: Users’ perception of critical mass will have a positive correlation with their
adoption of social-media platforms for collaborative learning.

Perceived usefulness: Refers to the extent to which individuals perceive the utility
of a certain technology in enhancing their job performance. That is, individuals are
often able to roughly estimate how the technology will help them perform their jobs
better [13]. According to TAM theories, perceived usefulness has a direct impact not
only on users’ attitudes towards their use of technology [29], but also on their tech-
nology acceptance behaviours [30]. In this study, perceived usefulness is defined as
users’ perception of the utility of social-media platforms for collaborative learning
that engenders their intention to use them. Numerous studies have reported positive
correlations between users’ perceived usefulness of social-media websites and their
decisions to use them [21, 31, 32, 33, 34, 35]. Mazman and Usluel [36], Lin et al. [37]
and Lee and Chong [38] discovered that perceived usefulness helped determine users’
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acceptance of social-media platforms for collaborative learning. Chen and Tseng [39],
Sanchez et al. [25], Ainin et al. [40] and Elkaseh et al. [35] went a step further, reveal-
ing that perceived usefulness had a significantly positive correlation not only with
users’ acceptance of social-media platforms, but also with their intention to use them
on a continual basis. Based on these findings, our second hypothesis is formulated as
follows:

H2: Users’ perception of usefulness will have a positive correlation with their
adoption of social-media platforms for collaborative learning.

Perceived enjoyment: Perceived enjoyment refers to the degree of enjoyment us-
ers estimate that they will receive from using social-media platforms. Initially, en-
joyment is a stimulus for users’ acceptance of information and communication tech-
nology in general and social-media platforms in particular. Furthermore, as a result of
such enjoyment, users are naturally inclined to continue their appreciation of, support
for and use of social-media platforms [41]. This was investigated by Hamid et al.
[42], Demir [43] and Moghavvemi et al. [44], who found that social-media platforms
that involved collaborative learning among students conducted in an interactive and
enjoyable manner had a positive correlation with student acceptance. Based on these
findings, the third hypothesis is established as follows:

H3: Users’ perception of enjoyment will have a positive correlation with their
adoption of social-media platforms for collaborative learning.

Information and resource sharing capability: Refers to the effectiveness of so-
cial-media platforms in storing and sharing necessary information and resources for
education and learning, such as presentation slides for course lectures, online note-
books, electronic books and other forms of audio-visual materials connected to in-
struction [36, 45, 46, 47]. In this regard, Sanchez et al. [25], Milosevic et al. [27], and
Sharma et al. [48] reported that information- and resource-sharing capabilities were
vital determinants of the acceptance of, and support for, the use of social-media plat-
forms for educational purposes in virtual classrooms. Based on these findings, the
fourth hypothesis is developed as follows:

HA4: Users’ perception of information and resource sharing capability will have a
positive correlation with their adoption of social media platforms for collaborative
learning.

Collaborative capability: refers to the capability of social-media platforms to
support collaboration among groups or online communities that share common inter-
ests, especially those related to educational purposes involving collaborative work and
learning [49-53]. In their studies exploring this issue, Mazman and Usluel [36], Rac-
tham and Firpo [45], DeAndrea et al. [54], Hung and Cheng [55] and Sharma et al.
[48] similarly discovered that social-media platforms that allowed the sharing of ideas
and interaction among students or classmates were likely to contribute to their adop-
tion for collaborative learning. Yu et al. [56] and Ainin et al. [40] further found that
the capability to enhance students’ educational skills, including team-working skills,
interpersonal relationships and intellectual abilities, were significant constructs sup-
ported by social-media platforms that lead to their adoption. Based on these findings,
the fifth and final hypothesis is proposed as follows:

HS5: Users’ perception of collaborative capability will have a positive correlation
with their adoption of social-media platforms for collaborative learning.
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Based on the literature review, the conceptual frameworks guiding the present
study can be diagrammed as follows:
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Fig. 1. Conceptual frameworks of the study

4 Research Methods

4.1 Population

The population of this research comprised university students with prior experience
using social-media platforms for collaborative learning.

4.2 Sampling technique

The sample size was calculated from the sample-size ratio of Hair et al. [57], who
postulated that a suitable sample size should be 5 to 10 times the number of indices to
be measured. Because the research instrument employed in the present study was a
questionnaire comprising 18 items, an ideal smallest sample size would equal t0180.
Previous research studies along similar lines have recommended appropriate sample
sizes (100-200) for evaluating a structural model using the partial least-squares struc-
tural equation modelling (PLS-SEM) method [57, 58, 59]. In line with such stipula-
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tions, the sample size of the present study was set to 180. To obtain the subjects for
this research, a purposive sampling technique was employed.

4.3 Research instrument

The research instrument was an online questionnaire comprising two sections. The
first consisted of five questions related to the demographic information of the univer-
sity students participating in the study. The second comprised 18 questions that ad-
dressed causal factors that influenced the subjects’ adoption of social-media platforms
for collaborative learning. From these, three were adapted from the works of Sanchez
et al. [25], Milosevic et al. [27], Cigevi¢ et al. [26] and Ifinedo [28] to explore per-
ceived critical-mass factors. Three were adapted from Chen and Tseng [39], Sanchez
et al. [25], Ainin et al. [40] and Elkaseh et al. [35] to investigate perceived usefulness
factors. Three were adapted from Hamid et al. [42], Demir [43] and Moghavvemi et
al. [44] to examine perceived enjoyment factors. Three were adapted from Sanchez et
al. [25], Milosevic et al. [27] and Sharma et al. [48] to survey information and re-
source-sharing capability factors. Three were adapted from Yu et al. [56] and Ainin et
al. [40] to scrutinize collaborative capability factors. The final three were adapted
from Davis [13] and Curtis et al. [14] to analyse factors related to social-media plat-
form adoption for collaborative learning. The questionnaire were presented in a five
point Likert Scale format.

4.4  Validation of the research instrument

The research instrument was first validated using ten subjects from the sample
group to assess the comprehensibility of the questionnaire. After revisions, the ques-
tionnaire was assessed in terms of content validity by three experts using the index of
item—objective congruence (IOC) scale of Rovinelli and Hambleton [60]. To ensure
their consistency with our research objectives and the content to be measured, the
questions used had to pass the minimum acceptable 10C score of 0.50. The results
indicated that all met the criterion with the scores ranging from 0.67 to 1.00. Subse-
quently, the research instrument underwent a pilot study conducted on 30 subjects
from the sample group. To ensure their reliability, the questions were required to meet
the minimum acceptable Cronbach’s alpha coefficient of 0.70, following Hair et al.
[57]. The results revealed that all met the standard with the scores ranging from 0.793
to 0.903. The validation process concluded with final modifications to the research
instrument.

45 Data collection

The data were collected from university students who had prior experiences in the
use of social-media platforms for collaborative learning. The online questionnaire was
created by using Google Forms and Google Spreadsheets, which were then circulated
to the target subjects via various channels, including social-media networks (e.g., Line
application, Facebook and Twitter) and e-mail platforms during August of 2020. To
ensure the inclusion of only the subjects meeting the requirements of this study, the
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first demographic information question enquired as to whether or not the respondents
had had any prior experience in the use of social-media platforms for collaborative
learning. Those without any such experiences were excluded.

The number of questionnaires satisfying the selection criteria and eligible for fur-
ther analysis was 371, which was much larger than the pre-determined sample size of
180. Then, the questionnaires returned underwent a preliminary statistical assumption
test to further determine whether the responses were complete, whether there were
any missing data or outliers and whether the data were normally distributed and char-
acterized by linearity, multicollinearity and singularity. The results showed no issues
surrounding these aspects. Additionally, the data were found to feature a left-skewed
distribution within the range from +3 to -3. Because the questionnaires were fit for the
next stages, the data were analysed using descriptive statistics to identify the demo-
graphic characteristics of the subjects and the PLS-SEM to determine the causal rela-
tionships among the variables.

5 Findings

The findings are presented in two sections: 1) the demographic characteristics of
the subjects and 2) the analysis of the causal relationships among the variables using
the PLS-SEM.

5.1  Section 1: Demographic characteristics of the subjects

The majority of the subjects were female (82.20%), followed by male (15.90%)
and LGBT (1.90%). Two-thirds were freshmen at the time of the research (66.80%),
followed by sophomores (21.00%), juniors (11.60%) and seniors (0.50%). Most had a
personal monthly allowance of lower than 10,000 baht (86.00%), followed by those
earning 10,000-20,000 baht per month (12.90%) and 20,001-30,000 baht per month
(1.10%). Almost half of the subjects spent over 5 h per week using the internet
(46.10%), followed by those using the internet for 11-15 h per week (28.00%), 5-10
h per week (22.90%) and <5 h per week (3.00%). Regarding the experience in the use
of social-media platforms, the most responded item was 5-7 years (38.30%), followed
by 1-5 years (30.20%), >7 years (24.80%), 1-3 years (5.70%) and <1 year (1.10%).

5.2  Section 2: Analysis of the causal relationships among the variables using
PLS-SEM

Assessment of the measurement model: In terms of internal consistency reliabil-
ity, all latent variables in the model had a composite reliability value of over 0.708
and a Cronbach’s alpha coefficient over 0.70, demonstrating that all were reliable [61,
62]. Regarding convergent validity, all latent variables were associated with an aver-
age variance-extracted (AVE) value of higher than 0.50, indicating a satisfactory level
of convergent validity between the manifest variables under the same latent variables
for all latent variables constituting the model [61, 62]. Regarding indicator reliability,
all manifest variables in the model were found to exhibit an outer loading coefficient
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of over 0.70, suggesting that all were reliable [61, 62]. The findings are displayed in
Table 1.

With regard to discriminant validity, the square root of the AVE value of each la-
tent variable was found to be higher than the correlation coefficients between that
latent variable and the other latent variables in the model. Additionally, the cross-
loading correlation between each manifest variable and the corresponding latent vari-
able was the highest compared with the cross-loading correlation between each mani-
fest variable and the other latent variables in the model. This demonstrates that all
latent variables had satisfactory discriminant validity and were measured using valid
manifest variables [63]. The findings are illustrated in Table 2.

Table 1. Factor loading, Cronbach’s alpha, composite reliability and AVE values

Factor Loading | Cronbach’s Alpha

Constructs Items >0.708 >0.70 CR>0.70 | AVE>0.50

CM1 0.817

Perceived critical

mass (CM) CM2 0.872 0.813 0.888 0.725
CM3 0.865
coL1 0.826

Collaborative

capability (COL) coL2 0.846 0.783 0.874 0.697
CoL3 0.833

Adoption of ITU1 0.899

social media

platforms for ITU2 0.912 0.895 0.935 0.827

collaborative

learning (ITU) ITU3 0.916
MRS1 0.803

Information and
resource sharing MRS2 0.888 0.819 0.892 0.734
capability (MRS)

MRS3 0.876
PE1 0.892
Perceived enjoy- PE2 0.918 0.886 0.930 0.815
ment (PE)
PE3 0.897
PU1 0.847
Perceived useful- PU2 0.862 0.786 0.876 0.701
ness (PU) : ' ' .
PU3 0.802
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Table 2. Square roots of the AVE values of the latent variables and the correlation
coefficients of the latent variables

Correlation Matrix
Constructs VIF

CM CoL ITU | MRS | PE PU
CM 1.852 0.852
CcoL 1.644 0.405 0.835
ITU 2.734 0.430 0.760 0.909
MRS 1.882 0.367 0.748 0.623 | 0.857
PE 2.608 0.493 0.536 0.631 | 0.548 | 0.903
PU 1.720 0.466 0.652 0.564 | 0.607 | 0.606 | 0.837

Note: The numbers in bold type along the diagonal cells were the square roots of the AVE values.

Assessment of the structural model: An assessment of a structural model requires
that a multicollinearity test be conducted, the predicted variables should not bear sta-
tistically significant internal relationships, and the variance inflation factor (VIF) must
be lower than 3.3 [62, 64]. From Table 2, the VIF values of the predicted variables
ranged from 1.644 to 2.734, fulfilling the criteria stipulated and thus indicating no
problems in terms of external construct multicollinearity.

5.3  Hypothesis testing

The hypotheses were tested using the PLS-SEM method by carrying out bootstrap-
ping to evaluate the statistical significance of the parameters involved. In the present
study, a two-tailed hypothesis test was conducted at the significance level of 0.05 or p
< 0.05, and the t-value was greater than or equal to 1.96 or t=1.96, indicating confir-
mation of the hypotheses [61, 62, 65, 66, 67]. The hypothesis testing results are sum-
marized in Table 3.
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Table 3. Summary of the variables and hypothesis testing

Hypotheses

Path

B

t- values

Results

H1

Perceived Critical Mass --> Social Media Platform
Adoption for
Collaborative Learning

0.054

1.056

Rejected

H2

Perceived Usefulness --> Social
Media Platform Adoption for
Collaborative Learning

-0.039

0.743

Rejected

H3

Perceived Enjoyment --> Social
Media Platform Adoption for
Collaborative Learning

0.303

5.374***

Confirmed

Ha4

Information and Resource Sharing Capability -->
Social Media Platform Adoption for Collaborative
Learning

0.026

0.438

Rejected

H5

Collaborative Capability --> Social Media Platform
Adoption for
Collaborative Learning

0.581

10.032**
*

Confirmed

*** Represents statistical significance at p<0.001 and t-value>3.291.

CM1

PE1

PE2

PE3

MRS1

MRS2

MRS3

coll

caL2

coLs

coL

Fig. 2. Path co-efficients of the structural model
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From Table 4, the factor having the highest total effect (TE) on subjects’ adoption
of social-media platforms for collaborative learning was collaborative capability
(TE=0.581), followed by perceived enjoyment (TE=0.303), perceived critical mass
(TE=0.054), information- and resource-sharing capability (TE=0.026) and perceived
usefulness (TE=-0.039). Additionally, the factors were found to have the collective
predictive power (R2) of 0.650 or 65.00% and the overall accuracy (Q2) of 0.530 (i.e.,
a strong correlation with one another). Finally, collaborative capability and perceived
enjoyment had a direct effect (DE) on the subjects’ acceptance of social-media plat-
forms for collaborative learning at DE=0.581 and 0.303, respectively.

Table 4. Analysis of the path coefficients of the antecedents and the latent variables

Antecedents

Latent Variables R? Q? | Effects
CM COoL MRS PE PU

DE 0.054 | 0.581*** | 0.026 | 0.303*** | -0.039

Adoption of social media
platforms for collabora- | 0.650 | 0.530 IE 0.000 | 0.000 0.000 0.000 0.000
tive learning (ITU)

TE 0.054 | 0.581*** | 0.026 | 0.303*** | -0.039

Notes:

1. *** Represents statistical significance at p<0.001.

2. R?20.25 indicates a low level of predictive power, R?=0.50 indicates a moderate level of predictive power, and
R220.0.75 indicates a high level of predictive power [59].

3. Q?20.02 indicates a low degree of correlation, Q2=0.15 indicates a moderate degree of correlation, and Q%20.35
indicates a high degree of correlation [59].

6 Discussion

The findings reported in this research demonstrate that collaborative capability and
perceived enjoyment are likely to be the most powerful causal factors influencing
university students’ adoption of social-media platforms for collaborative learning
during the COVID-19 ‘new normal’ era. Additionally, the results suggest that collab-
orative capability and perceived enjoyment exert a direct effect on university stu-
dents’ adoption of the platforms. Overall, this reflects their perception of social-media
platforms as useful tools for group work, class discussions and information sharing,
regardless of space and time constraints, thereby engendering their adoption of such
learning aids for interaction with their classmates and instructors.

The inferences relating to collaborative capability are in line with those found by
Habibi et al. [51], Rimor and Arie [52] and Ibrahim et al. [53], all of whom concluded
that the capability of social-media platforms to create virtual groups positively corre-
lated with users’ adoption for educational purposes. Similar implications were also
found by Ainin et al. [40] and Sharma et al. [48], who concurred that social-media
platforms that effectively enabled collaboration via group discussions, information
sharing and real-time interaction were likely to increase user’s adoption for collabora-
tive learning.
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Regarding perceived enjoyment, it is possible to attribute user adoption of social-
media platforms for collaborative learning to the feeling of entertainment experienced
during the course of use, particularly in terms of the broad array of services offered,
such as games, puzzles, surveys and clip sharing. In fact, this claim is corroborated by
a great deal of research. Hamid et al. [42], Demir [43] and Moghavvemi et al. [44],
among others, reasoned from their findings that the enjoyment obtained from using
social-media platforms for learning differed markedly from that of traditional class-
rooms and was found to be a significant factor influencing university students’ adop-
tion for collaborative learning.

Although collaborative capability and perceived enjoyment prove to be significant
factors, it is interesting to find that the significance of perceived critical mass, per-
ceived usefulness and information- and resource-sharing capability are less distinct. In
other words, the extents to which university students are affected by their influencers,
perceive the usefulness of social media platforms in enhancing their collaborative
learning experience and construe the capability of such platforms to help them share
information and resources through electronic means do not seem to be powerful pre-
dictors of their adoption of technology. Despite being contrary to expectations, such a
phenomenon can be explained from a consumer-behaviour perspective. That is, the
current generation of university students, or the so-called ‘Generation Z’, is often
characterized as being technologically savvy. Thus, it is possible that factors relating
to perceived critical mass, perceived usefulness and information- and resource-sharing
capability may not come across as genuinely advantageous to these digital natives. In
support of this postulation are a myriad of studies that similarly reached conclusions
stating that users’ adoption of social-media platforms for collaborative learning was
not likely to be attributable to perceived critical mass [68, 69], perceived usefulness
[70, 71, 72], or information- and resource-sharing capability [72, 73, 74].

7 Recommendations

Based on the findings reported in this research, recommendations can be made as
follows.

7.1  Theories

This research developed a model describing the causal factors influencing universi-
ty students’ adoption of social-media platforms for collaborative learning during the
COVID-19 ‘new normal’ era, applying Davis’s [13] TAM and Curtis et al.’s [14]
UTAUT to establish conceptual framework. The present findings are consistent with
those discovered by previous studies, demonstrating that collaborative capability and
perceived enjoyment are probably the two most significant causal factors. However,
the roles of perceived critical mass, perceived usefulness and information- and re-
source-sharing capability remain unclear. Although the results reported in this re-
search may seem to contradict the theories postulating the significance of such fac-
tors, it is premature to conclude that they have no role to play. Additionally, the col-
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lective predictive power (R?) of collaborative capability and perceived enjoyment
stood at 65.00%. To put it in other words, other factors should exist to account for the
remaining 35.00%. Thus, any comprehensive theories relating to the adoption of so-
cial-media platforms for collaborative learning are likely to identify such missing
pieces.

7.2 Applications

Based on the findings regarding the most influential factors affecting users’ adop-
tion of social-media platforms for collaborative learning, tertiary institutions, instruc-
tors and all other relevant parties should develop instructional management systems
that effectively incorporate such online instruction channels as social media platforms
to allow students to collaborate, exchange ideas, share experiences and interact both
with one another and with their instructors. Moreover, an effort should be made to
create an enjoyable environment that integrates non-traditional instructional activities,
including online surveys, games, video clips and group projects. These suggestions
would result in a learning atmosphere that is more in line with the present and future
educational trends that people/learners seem to attach less importance to face-to-face-
classroom interaction, and more to education freed from place and time constraints.
Ultimately, students will be motivated to engage in activities for their personal learn-
ing goals such as academic, professional and personal development goals. A range of
applications are considered as effective tools for the current ‘new normal’ era.

7.3  Further research

1. Future research along similar lines should employ a mixed approach that incorpo-
rates both quantitative and qualitative methods, such as interviews and focus-group
discussions, in order to enrich the current understanding of issues surrounding us-
ers’ adoption of social-media platforms for collaborative learning and to triangulate
the findings.

2. Future research should also examine other causal factors likely to have an effect on
users’ adoption of technology for collaborative learning, such as interactional ca-
pability, perceived ability to use technology and perceived social identity.

3. Future research may apply the conceptual framework presented in this study or one
of those employed in the literature to examine users’ adoption of other types of
platforms or educational technology in Thailand.
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