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Abstract—A research about factors that lead students to choose online
courses, as well as the acceptance of these courses, can provide very relevant
information for higher education institutions’ decision makers to amend these
offers to students’ interests and needs. An investigation through questionnaire
was developed involving students who attended online post-graduate courses. It
was intended to know which factors affect students' decision to opt for postgrad-
uate online courses. A model, based on the TAM (Technology Acceptance
Model), was tested to find out what factors determine the intention to use online
learning. The results shows that most respondents favour online courses and that
their decision, when choosing this type of course, is mainly influenced by time
management flexibility, avoiding going to school and the course curriculum in-
terest. The test of the model, with structural equations, shows that attitude regard-
ing online courses and perceived usefulness are factors that predict the intention
to use. It was also concluded that the perceived ease of use induces a direct and
indirect effect on the intention to use. The most significant results are consistent
with published studies and can help the higher education institutions to define
offer and communication strategies to reach a greater number of candidates for
online learning.

Keywords—acceptance model; higher education; intention-to-use; online
learning.

1 Introduction

Family and professional responsibilities condition the availability of adult students
to attend school and become involved in academic activities, so the possibility of having
proposals that are more flexible is a highly valued factor by these students [1] [2] [3].

The Allen and Seaman study [4], shows that institutions agreed that online education
is critical to their long-term strategy. The importance of this subject, mainly for those
responsible in organizing and promote these offers, it important aimed the needs and
expectations of potential participants and it is important to know how they view online
courses as an alternative to continue their studies.
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However, in spite of the importance of this subject, the study of the factors regarding
acceptance of online learning, as well as the way they affect the students’ decision, they
are a little explored topics.

It is important adds information that can help institutional decision-makers and other
stakeholders to position themselves more effectively in relation to the public they are
looking for or may come to seek this type of distribution.

In general, the published studies investigate the attractiveness of the online courses,
being this related to the costs, the ease of access and the inexistence of constraints re-
lated to time and place [1] [2] [5] [6] [7].

Regarding the analysis of other specific aspects an online course offers, published
research points out the interest in course contents, institution reputation, the course and
the teachers (institutional infrastructure, staff attitudes and skills) and perceived student
expectations [7] [8] [9].

Not all individuals show the same inclination and interest to be involved in online
courses. Factors such as discipline [4], motivation, technical competency, attitudes to-
ward technology [10], perceiving ease of use, perceived usefulness, self-efficacy in the
use of available technologies can condition the intention to use [11].

From the literature review emerge several theories and models that have in common
the objective of explaining the intention to use through the relation between the behav-
iour and the attitudes, from which have come to appear proposals of adaptation and
extension applied to different contexts the use of technologies. Among these theories
and models, the technology acceptance model (TAM), proposed by Davis [12], stands
out as the objective of providing an explanation of the general determinants of computer
acceptance, capable of explaining the behaviour of the user in relation to the technolo-
gies of computation placed within reach of different types of population being, at the
same time, parsimonious and theoretically justified.

TAM is based on the postulate that factors of primary importance in the accepting
behaviours are perceived usefulness (PU) and perceived ease of use (PEU) (figure 1).
According to Davis [12], a relation between perceived ease of use (PEU) and perceived
usefulness (PU) that influences attitude (ATT) and this plays a mediating role in the
intention to use (IU) the system.

PU ¢
External 4 - T T~
Varialbles / ATT B 18} —>/\ \System use/ J
PEU

Fig. 1. TAM model (adapted from Davis (1989))

According to Davis [12], perceived usefulness (PU) refers to the degree to which the
user considers that the use of technology will improve his/her performance. The per-
ceived ease of use (PEU) is usually defined as the greater or lesser degree that an indi-
vidual believes that using a technology does not require effort [11]. There are also a set
of external variables, exogenous to the model, influencing perceived usefulness (PU)
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and/or perceived ease of use (PEU) that differ significantly according to published stud-
ies. In turn, the attitude (ATT) refers to the degree of interest that a user reveals in using
a particular system [11] [13].

Although the TAM of Davis [12] was developed to explain and predict the ac-
ceptance of computer technologies in general, it has been applied in more specific con-
texts such as online teaching and learning [1] [11] [14] [15].

The consensus that has been generated over the last quarter century about TAM is
evidenced by the several studies that make its application, as proposed by Davis [12],
or presenting extensions and/or changes to the initial model [11] [14][16][17] [18].

The most recent works that adapting the TAM model to the specificities of the stud-
ied context, resulting in several proposals for extensions and/or changes. Park [19]
identified several external variables in addition to perceived usefulness and perceived
ease of use to explicate the determinants of users’ acceptance decisions on e-learning
systems. Liu et al. [20] take TAM as a foundation and extend the external variables as
well as the perceived variables. Cheung and Vogel [11] used the TAM to highlight the
factors that influence the acceptance of Google Applications for collaborative learning.
According to the research results, the subjective norm represented by peers significantly
moderates the relationship between attitude and intention toward the technology. Ibra-
him et al. [17] conclude that computer self-efficacy has significantly effects on per-
ceived ease of use, while perceived ease of use significantly affects intention to use e
learning. Some studies [3] [21] used the TAM including external variables (self-effi-
cacy, quality of work, system accessibility and subjective norm) confirmed the accept-
ability of the model to explain students' acceptance.

Although there is no agreement in the identified external variables, there is some
consensus about factors related to environment features (course design, interface de-
sign, interaction, synchronous and asynchronous communication) and learners' features
(self-efficacy, user technology experience) [16] [10] [11] [14] [19] [22] .

Despite the numerous proposals for combining, extending and/or changing multiple
theories into a single model, the simplicity of the original TAM model [12] became a
dominant model in investigating factors affecting users’ acceptance of the technology
[23] [24] [25]. A respectable amount of work dealing with the TAM, from its first ap-
pearance, more than a quarter century ago, clearly indicates that this model TAM is still
quite appealing, leading to its use in various contexts and specifically in the one of
online learning [26].

2 Material and methods

2.1  Research questions
This study aimed to answer the following research questions:

a) What factors affect students' decision to opt for postgraduate online courses?
b) What are the acceptance factors of postgraduate online courses?
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In order to answer these research questions, the following hypotheses have been for-
mulated:

H1. Perceived usefulness is a predictor of the intention to use.

H2. Attitude is a predictor of the intention to use.

H3. Perceived usefulness has an effect on attitude.

H4. Perceived ease of use has an effect on perceived usefulness, attitude and inten-

tion to use.
HS. Technological experience has an effect on perceived usefulness and on attitude.

2.2 Participants

In this research, students who attended postgraduate training at three Portuguese
higher education institutions participated voluntarily. There are collected 312 valid re-
sponses, corresponding to a response rate of 62.2%, of which 502 were the total number
of potential respondents.

The graph of Figure 2 shows the demographic characteristics of the study partici-
pants. Regarding gender, 87.2% of the respondents are women and 12.8% are men. The
majority of the students are between the ages of 40 and 49 years old (53.2%), followed
by those who are 50 or older (35.2%) and the remaining 11.5% are between the ages of
30 and 39 years old. As for the family situation, the majority of respondents are married
(65.4%), followed by single (15.4%) and divorced (13.5%) groups.

Characteristics of participants

Women I 87.2%

Gender

Man mmm 12.8%
upto29  0.0%
30t0 39 mmmmm 11.5%
40t0 49 I 53.2%

Age group

50 or holder GG 35.3%
Single —— N 15.4%
Married I 65.4%
Divorced mmmmmmm 13.5%
Widower 1 0.6%

Family situation

In fact W 5.1%

0% 20% 40% 60% 80% 100%

Fig. 2. Demographic characteristics of participants
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2.3 Measure instrument

The present research was done through a questionnaire developed and tested by Mar-
tinho [27]. It consists of four parts: the first is intended to obtain the general character-
istics of the respondents (gender, age group and family situation); the second to have
opinions about e-learning; the third part is about factors that affect the decision when
choosing an online course (e-learning) and the fourth and last part, is to identify the
experience in the use of information and communication technologies.

Regarding respondents' opinions about online courses, a 4-point Likert-type agree-
ment scale was used (1-Strongly disagree; 2-Disagree in part, 3-Agree in part; 4-
Strongly agree), where it is intended to analyse attitude towards online education,
online courses usefulness, intention to attend online courses, perceived ease of use and
the favoured form of distribution. About preferred form of distribution, three types of
distribution were considered: face-to-face, hybrid (30 to 79% online) and fully online
[4].

In relation to the factors affecting the decision of the respondents when choosing an
online course, a 4-point Likert scale was used (1-Nothing important, 2-Not important,
3-Considerably important, 4-Very important).

Were considered aspects related to: curiosity in knowing how online teaching works;
distance between residence/place of work and school; avoiding trips to school (presence
in the classroom); perceived ease of use of online learning systems; flexibility in time
management; interest in the course curriculum; possibility to learn at my pace; possi-
bility of working with students from other schools; cost reduction; reputation of the
school; reputation of the faculty and reputation of the course.

Finally, in order to analyze the experience of respondents in the use of information
and communication technologies, a 4-point Likert scale was used (1- None; 2- Up to 3
years of experience; 3- 3 to 6 years of experience; 4- More than 6 years of experience).
In this way, the experience of using word processor, e-mail, PowerPoint (slide show)
software, search engines (Google, Yahoo), online meeting systems (Skype, Cisco We-
bEXx, etc.), MP3 and MP4 players (iPods), discussion groups, electronic communication
tools (chat, messenger), collaborative work tools (Google Drive, YouTube, etc.) and
learning environments online (Moodle).

In the study by Martinho [27], all constructs and their dimensions presented
Cronbach's alpha values above 0.8, which shows a good internal consistency [28],
which justifies its use in this study.

24 Procedures

The 502 potential respondents were previously informed about the study’s objectives
and the confidentiality and anonymity of the information provided, through an email,
which included the online link to the questionnaire. Fieldwork was developed during
the third quarter of 2017.

The statistical treatment of the data was performed using SPSS and AMOS software
from IBM. To achieve the characterization of the respondents and the general analysis
to some items of the questionnaire, we used the descriptive statistics. Since the
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assumptions for the application of the parametric tests were not verified, the non-
parametric statistical inference techniques were used, namely: Mann-Whitney test for
comparison of two independent samples and Kruskal-Wallis test for comparison of
three or more independent samples [29]. We also applied the technique of confirmatory
factorial analysis and the calculation of Cronbach's Alpha values to confirm the facto-
rial structure and to study the internal consistency of the factors that constitute the meas-
urement instruments [30]. In order to test the formulated research hypotheses, we used
the structural equations model [31].

3 Results

3.1 Preferred form of distribution

As can be seen in Figure 3, most participants (60.9%) prefer fully online courses,
while 34.0% would choose hybrid courses (face-to-face and online), and only 5.1%
face-to-face courses.

Preferred form of distribution

70%
60.9%

60%

50%

40% 34.0%
30%
20%
10% 5.1%
0% I
Face-to-face Hibrid (face-to-face and e Fully online

online)

Fig. 3. Preferred form of distribution by participants

3.2 Factors affecting decision when choosing online courses

Table 1 summarizes the importance recognized by respondents when faced with fac-
tors that affect the decision in choosing an online course, ranked from the most im-
portant to the least important. The flexibility in the management of time presents the
highest average (M = 3.90; SD = 0.31), followed by avoiding trips to school (M = 3.79;
SD =0.42) (M =3.76; SD = 0.46) and interest in the course curriculum (M = 3.73; SD
= 0.48). Among the less valued items are curiosity about how online education works
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(M =2.88; SD = 0.93) and possibility of working with students from other schools (M
=3.14; SD = 0.85).

Table 1. Factors affecting decision when choosing an online course.

N.° Item M SD
S3.2 Flexibility in time management 3.90 0.31
S3.10  |Avoid trips to school 3.79 0.42
S3.5 Possibility to learn at my own pace 3.76 0.46
S3.1 Interest in the course curriculum 3.73 0.48
S3.12  |Distance between residence / place of work and school 3.66 0.65
S3.7 Reduction of costs 3.60 0.63
S3.4 Course reputation 3.51 0.55
S3.9 Ease of use of course support technology 342 0.60
S3.6 School Reputation 3.40 0.62
S3.3 Possibility of working with teachers from other schools 3.36 0.58
S3.8 Possibility of working with students from other schools 3.14 0.85
S3.11  |Curiosity about how online education works 2.88 0.93

3.3  Relationship between demographic variables and factors most valued by
students

The relationship between demographic variables and the six factors most valued by
students to choose online courses was as follows: flexibility in time management
(S3.2); avoid trips to school (S3.10); possibility to learn at my own pace (S3.5); interest
in the course curriculum (S3.1); distance between residence / place of work and school
(S3.12) and cost reduction (S3.7).

As can be seen in Table 2, Mann-Whitney and Kruskal-Wallis tests showed signifi-
cant differences in the factor cost reduction (S3.7) relative to the family situation vari-
able (p<0.05), with the in fact (M = 3.00, SD = 0.93) and divorced (M = 3.37, SD =
0.76) groups to value less cost reduction and single (M = 3.67, SD = 0.58) and married
(M=3.67, SD = 0.55) to value more

Table 2. Relationship between demographic variables and factors most valued by students.

Demog’;}’e‘;ic varia- Test $3.2 | s3.10 | $35 | s31 | s312 | s37
U Mann-Whitney | 1005.00 | 1053.00 | 888.00 | 1080.50 | 1018.00 | 1027.50
Gender z .06 | 038 | -175| 013 | -063 | -051
P 0288 | 0.701 | 0.080 | 0898 | 0532 | 0610
Qui-quadrate | 040 | 209 | 355 | 147 110 | 154
Age group Df 2 2 2 2 2 2
p 0820 | 0352 |0.170 | 0480 | 0577 | 0463
Qui-quadrate | 462 | 371 | 296 | 305 | 438 | 11.92
Family situation Df 5 5 5 5 5 5
P 0465 | 0592 | 0707 | 0693 | 049 | 0.036*
% <0.05
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3.4 Relationship between the preferred form of distribution and the factors
most valued by students

Kruskal-Wallis test was applied to determine if there is a relationship between the
preferred distribution form and the factors most valued by the students. In Table 3, it is
possible to observe that there are statistically significant differences (p<0.05) in the
factors: avoid trips to school (S3.10), interest in the course curriculum (S3.1) and dis-
tance between residence / work and school (S3.12) among the three preferred forms of
distribution: face-to-face, hybrid (face-to-face an online) and fully online.

Table 3. The relationship between the preferred form of distribution and the factors most va-

lued by students.
S3.2 S3.10 S3.5 S3.1 S3.12 S3.7
Qui-quadrado 3.17 21.68 1.42 7.87 6.21 2.20
Df 2 2 2 2 2 2
¥4 0.205 0.000™ 0.493 0.020" 0.045" 0.332

*p <0.05; **p <0.01

Table 4 shows the obtained means for each factors in which there was statistical
significance between the elements most valued by the students and the preferred form
of distribution. Thus, it is concluded that students who prefer fully online courses and
those who prefer hybrid courses (face-to-face and online) confer greater importance to
the factor avoid trips to school (S3.10), while those who prefer face-to-face courses
value the factor interest by the curriculum (S3.1).

Table 4. Averages of factors where the relationship with statistical significance is grouped ac-
cording to the preferred distribution form.

Preferred distribution form S3.10 S3.1 S3.12
Face-to-face M 3.38 4.00 3.63

SD 0.74 0.00 0.52

Hibrid (face-to-face and online) M 3.63 3.59 3.49
SD 0.49 0.54 0.77

Fully online M 3.92 3.78 3.76

SD 0.27 0.45 0.57

3.5 Online Courses Acceptance Model (OCAM)

The online courses acceptance model (OCAM) that is intended to test is based on
the TAM model [12], which, like the suggestions presented in other studies [11] [14]
[32], presented in figure 4, which includes the following dimensions (factors):

o Perceived usefulness (PU). It is understood in the same sense as Davis [12] and other
authors who have been applying the concept, that is, the degree to which students
consider that online teaching can improve their performance;

o Attitude (ATT). Demonstrated by students in relation to online teaching;
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e The technological Experience. Obtained from the students' responses in which they
quantify their experience, relating it to the use of various technologies. Two external
variables were introduced: Base technological experience (BTE) and advanced tech-
nological experience (ATE), arriving at the model.

o Perceived ease of use (PEU). Perceived by students who participated in the study;

¢ Intention to use (IU). Measuring the degree to which students are interested in using
online courses.

BTE PU

T~
4 Online N\

\I'.Erﬂi_ng /
PEU — ATT —T

A 4

ATE

Fig. 4. Acceptance online courses model (AOCM)

Online Courses Acceptance Model (OCAM) test. In order to test the Online
Courses Acceptance Model (OCAM), modelling was done using structural equations.
The study was carried out in two phases: confirmatory factor analysis and path analysis.

Confirmatory Factor Analysis. The first phase consisted of the application of the
confirmatory factorial analysis (through the measurement model) in order to confirm
the factorial structure of the constructs under study and through the calculation of
Cronbach's Alpha to evaluate the quality of the latent variables and their respective
constructs [31].

The result obtained in the analysis of the second section of the questionnaire with
eigenvalues >1 [28], presented in Table 5, explains 79.0% of the total variance, distrib-
uted as follows: factor 1 - Attitude: 39.4 %; factor 2 — Intention to use: 16.6%; factor 3
— Perceived usefulness: 12.8% and factor 4 - Ease of use: 10.3%, with the relation be-
tween the variance extracted by each factor and the total variance>5% [33].

This result is acceptable from the point of view regarding statistical method. The
values of Cronbach's Alpha, presented in Table 5, show that the instrument reveals ad-
equate internal consistency [30].

The obtained result in the analysis of the third section (Table 6), using the same
conditions as in the previous one, explains 64.9% of the total variance, distributed by
two factors: factor 1 — Base Technological Experience (BTE): 36.8% and factor 2 -
Advanced Technological Experience (ATE): 28.1%. The items related to Base Tech-
nological Experience (BTE) have higher values than items related to Advanced Tech-
nological Experience (ATE).

The values obtained in Cronbach's Alpha (Table 6), show that the instrument reveals
good internal consistency [30].
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Table 5. Organization of latent variables (factors).

Items

Factors

1 2

3

S2.1 - For me there are no differences in learning in face-to-face or online.

0.95

S2.2 - The frequency of online courses can help me to progress in my career.

0.92

S2.3 - The frequency of online courses can help me to improve my eco-
nomic conditions.

0.81

S2.4 Learning to operate applications to support online courses is easy for
me.

0.89

S2.5 - Online courses has the same academic rigor as face-to-face courses.

0.95

S2.6 - The frequency of online courses is a good way to acquire new
knowledge.

0.73

S2.7 - I am interested in attending online courses in the future.

0.73

S2.8 - It is easy to improve my skills in using online courses support appli-
cations.

0.80

S2.9 - Online courses are recognized in the job market.

0.95

S2.10 - The frequency of online courses helps me to improve my profes-
sional skills.

0.89

S2.11 - I plan to advise my friends to enrol in online courses.

0.75

S2.12 — Overall, online courses support applications are easy to use.

0.74

S2.13 - Online courses have more advantages than disadvantages.

0.81

Cronbach’s Alpha

0.995 10.819

0.861

0.795

Table 6. Organization of latent variables related to experience in the use of ICT.

Experience in using: 1 Factors
S4.1 - word processor (Word) 0.95
S4.2 — email 0.87
S4.3 - slide show software (PowerPoint) 0.87
S4.4 - search engines (Google, Yahoo) 0.80
S4.5 - online meeting systems (Skipe, Cisco WebEx, etc.) 0.79
S4.6 - MP3 and MP4 Player (iPod) 0.77
S4.7 - discussion groups 0.83
S4.8 - electronic communication tools (chat, messenger) 0.74
S4.9 - collaborative work tools (Google Drive, Youtube, etc.) 0.66
S4.10 - online learning environments (Moodle) 0.71
Cronbach’s Alpha 0.886 0.846

Structural equation analysis

Preliminary confirmations. The verification of the multivariate outliers,
through the Mahalanobis distance (DM2) [31], revealed three observations with very
high values (with pl and p2<0.001) that were removed, passing the sample to 309 valid
results. In the verification of the multivariate normality of the data through asymmetry
(sk<2) and kurtosis (ku <7), no severe deviations were detected that could jeopardize
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the application of the maximum likelihood estimation method [31]. Also in the prelim-
inary evaluation of the model, a multicollinearity diagnosis was made. The result ob-
tained did not reveal problems of excessive association between the variables (Toler-
ance>0.1 and VIF<5) [31].

Confirmation of the measurement model. The estimation of the model of meas-
urement verified that presents a good adjustment as can be seen by the analysis of the
main indices (X? (215)=260.927; p=0.018; X¥df =1.214 (X?/df<2); CFI=0.983
(CFI>=0.95); GFI=0.883 (GFI>=0.85); NFI=0.911 (NFI>0.90); RMSEA=0.037
(RMSEA<0.05); MECVI=2.670). It is also verified that all items have high factorial
weights (>0.5) and, consequently, the factors present factorial validity [31] (Figure 5).

X2(215)=260,927; p=,018; X2/df=1,214
CFI=,983; GFI=,883; NFI=,911
RMSEA=,037; P(rmsea<=0.05)=,907; |.C. 90% ],01790;,05390[

MECVI=2,670
@[Sl
& ,- ' 1,01
D 21 ] o\\ s
—7 \ €19
€2 523 : ' 2 =
o o’ &
@ . 74 ’ 54
@~ v @
G2} » ! » i
= eV =
178 ' 4 5 —y
@—»[s2i o* / y 63
€1 5213 SE10 2

Fig. 5. Measurement Model

Analysis of the change indexes for covariance between variables revealed that the
correlation between the e3«»e8 error residues (MI =18.8) would improve the quality of
the adjustment [31]. The analysis of the measurement model was performed, correlating
the residuals of the errors e3«»e8, obtaining the estimation model that reveals the im-
provement (X2 (214)=240.420; p=0.104; X*df=1.123 (X?/df<2); CFI=0.990
(CFI>=0.95); GFI=0.890 (GFI>=0.85); NFI=0.918 (NFI>0.90); RMSEA=0.028
(RMSEA<0.05); MECVI=2.550).

Causal model Specification. The results of the model with standardized esti-
mates, shown in Figure 6, show a good fit (X?(220)=260.978; p=0.030; X*/df=1.186
(X?/df2<2); CFI=0.985 (CFI>=0.95); GFI=0.880 (GFI>0.85); NFI=0.911
(NFI>=0.90); RMSEA=0.035 (RMSEA<0.05); MECVI=2.592).
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X2(220)=260,978; p=,030; X2/df=1,186
CFI=,985; GFI=,880; NFI=,911
RMSEA=,035; P(rmsea<=0.05)=,943; |.C. 90% ],01290;,05190[
MECVI=2,592
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Fig. 6. Causal model

Standardized effects. The analysis of the total effects (Table 7) shows that the
effect of the Attitude (ATT) factor on the Intention to use (IU) is 0.524 whose value
corresponds in total to the direct effect (Table 8). Total effect of the Perceived Useful-
ness (PU) on the Attitude (ATT) is 0.130 and the effect of the Perceived Usefulness
(PU) factor on the Intention to use (IU) is 0.195. These values correspond almost en-
tirely to the values of the direct effects as can be observed in Table 8.

The effect of Perceived Ease of Use (PEU) on Perceived Usefulness (PU) (0.037)
and Attitude (ATT) (0.357) factors is obtained almost entirely through their direct ef-
fects (Table 8), while the indirect effect of Perceive Ease of Use (PEU) on Intention to
use (IU) is 0.217 (Table 9).

The effect of the Base Technological Experience (BTE) and Advanced Technologi-
cal Experience (ATE) factors on Intention to use (IU) are very insignificant (0.055 and
0.015 respectively) (Table 7). However, there is a significant direct effect between Ad-
vanced Technological Experience (ATE) factor and Perceived Ease of Use (PEU)
(0.335), as well as an indirect effect of Advanced Technological Experience (ATE) on
Attitude (ATT) (0.108) and Perceived Utility (PU) (0.079) factors, although this is
smaller than that. The Base Technological Experience (BTE) has a reduced direct effect
on Intention to use (IU) (0.090).
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Table 7. Standardized total effects.

ATE BTE EU PU ATT 1U
EU 0.335 0.090 0.000 0.000 0.000 0.000
PU -0.010 -0.003 0.237 0.000 0.000 0.000
ATT 0.108 0.029 0.357 0.130 0.000 0.000
1U 0.055 0.015 0.217 0.195 0.524 0.000

Table 8. Standardized direct effects.

ATE BTE EU PU ATT 1U
EU 0.335 0.090 0.000 0.000 0.000 0.000
PU -0.089 -0.024 0.237 0.000 0.000 0.000
ATT 0.000 0.000 0.326 0.130 0.000 0.000
1U 0.000 0.000 0.000 0.127 0.524 0.000

Table 9. Standardized indirect effects.

ATE BTE EU PU ATT 1U
EU 0.000 0.000 0.000 0.000 0.000 0.000
PU 0.079 0.021 0.000 0.000 0.000 0.000
ATT 0.108 0.029 0.031 0.000 0.000 0.000
1U 0.055 0.015 0.217 0.068 0.000 0.000

The most important results obtained, summarized in Figure 7, were as follows:

¢ Intention to choose online learning is largely determined by the students' Attitude
(ATT) towards online courses (0.524) in a more moderate way, by the Perceived
Ease of Use (PEU) (0.217) and the Perceived Usefulness (PU) (0.195).

e Perceived ease of use (PEU) attained a positive direct influence on PU. Perceived
ease of use (PEU) also attained a direct effect on attitude (ATT) and intention to use
IU).

e Technological experience is a predictor of the Intention to use (IU). There were ef-
fects, with statistical significance of the Advanced Technological Experience (ATE)
in relation to Perceived Ease of Use (PEU) and, even more moderately, in relation
to Perceived Usefulness (PU) and Attitude (ATT). The Base Technological Experi-
ence (BTE) also has a reduced direct effect on the Perceived Ease of Use (PEU).

. —0.003—
Base Technological Perceived
Experience (BTE) Usefulness (PU) **0.195
1
* %
+%0,079 T 0.130 S
P N
**0.090 P J Intention of —N/Online learnin \‘
| | Use (IU) \ g
Tei:ﬁ?;g;s:al Perceived Ease Attitude T T
|
Experience (ATE) of Use (PEU) |xx0357|  (ATT) o |
______*0335 ] N ______13 i) ’ |
|
#0108 '---------——- #0217 -——————-

Fig. 7. Acceptance online courses model (AOCM) test results
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4 Discussion

4.1  Factors that affect students” decision to opt posgraduate online courses

The study participants classified, in descending order of importance when choosing
online courses, the following factors:

Flexibility in time management;

Avoiding trips to school (presence in the classroom);
Possibility to learn at my own pace;

Interest in the course curriculum,;

Distance between the residence / work place and the school;
Reduction of costs;

Reputation of the course;

Perceived ease of use of course support technology;
Reputation of the school;

Possibility of working with teachers from other schools;
Possibility of working with students from other schools;
Curiosity in knowing how online teaching works.

The flexibility in time management emerges as an important aspect for choosing
online courses, confirming the conclusions of most of the studies on this subject [2] [5]
[6].

While flexibility in time management is a cross-cutting and consensual factor for all
students, it is concluded that students who prefer fully online courses value the aspects
related to avoiding trips to school and distance between residence / workplace and
school, while those who prefer face-to-face courses point to interest in the course cur-
riculum as the main deciding factor for joining online courses. We may conclude that
those who prefer totally online courses do so mainly for utilitarian reasons, while oth-
ers, despite expressing a preference for face-to-face courses, do not fail to become in-
volved in online courses by presenting interest in the course curriculum with an above
average weight in that decision. It is also interesting to note that the interest in the cur-
riculum of the course assumes the same importance as that attributed to it in other stud-
ies, namely [9].

The possibility to learn at my own pace emerges as a factor highly valued by stu-
dents, which is a significant difference from previous studies [9].

The cost reduction (sixth position) seems to be in line with the conclusions of studies
conducted with students enrolled in online courses [5] [9] and are inconsistent with the
results of other researchers [7] who showed the importance of this item.

The perceived ease of use of the technology to support the course rises in the ranking
of the most important factors while choosing online learning, in relation to the position
that was attributed in others studies [5] [9]. This increase may be related to the techno-
logical evolution during the period between these studies, and it is natural that the cur-
rent students, with more user-friendly technologies, recognize the importance of this
factor.
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The reputation of the course appears in seventh place assuming less importance in
relation to the conclusions of other studies [7] where this factor occupies a more im-
portant place. The low importance given by students to the factors related to institu-
tional infrastructure and staff are different from those obtained by King and Boyatt 8]
where these aspects are highly valued.

As regards factors that are less valued by students, there is agreement with other
studies [5] [7], where curiosity about working with teachers and students of the other
schools, opportunity to know e-learning and its benefits are among the factors less val-
ued.

4.2  Acceptance factors of postgraduate online courses

Confirmatory factor analysis about technological experience factors determined the
existence of two external variables: Base Technological Experience (BTE) and Ad-
vanced Technological Experience (ATE) that were introduce in the OCAM (Online
Courses Acceptance Model) tested. This shows differences in relation to other studies
[11] [15] that not detect differences about technological experience.

The results of this study provide support for the research model and for the hypoth-
eses regarding the directional linkage among the model’s variables. The tested hypoth-
eses were confirmed, namely:

H1. Perceived usefulness (PU) is a predictor of the Intention to use (IU).

H2. Attitude (ATT) is a more significant predictor of the Intention to use (IU).

H3. Perceived Usefulness (PU) has an effect on Attitude (ATT).

H4. Perceived Ease of Use (PEU) has direct effect of predicting the Intention to use
(IU) and indirect on Perceived Usefulness (PU) and Attitude (ATT).

H5. Advanced Technological Experience (ATE) has an effect mainly on Perceived
Ease of Use (PEU) but also on Perceived Usefulness (PU) and on Attitude (ATT).
The Base Technological Experience (BTE) has a reduced effect on the Perceived
Ease of Use (PEU).

Results showed that Attitude (ATT) is the most important in determining Intention
to use (IU) online learning. These results confirm the conclusions of Lai et al. [10] and
are significantly different from those obtained by Cheung and Vogel [11], in which it
was concluded that Perceived Usefulness (PU) is the factor that most determines the
Intention to use (IU) online learning.

Although with less importance with what TAM postulates [12], and confirmed by
other studies [3] [21], Perceived Usefulness (PU) have a significant influence on the
Perceived Intention to use (PEU).

Perceived Ease of Use (PEU) attained a positive direct influence on Perceived Use-
fulness (PU) similar finding in other studies [1] [17] [22]. Perceived Ease of Use (PEU)
also attained a direct effect on Attitude (ATT) and Intention to use (IU), which is in
agreement with some published studies [11] [20], which concludes that, although it is
not so intense, there is a prediction relation between these variables.

As concluded by other studies [15] the Technological Experience is a predictor of
the Intention to use (IU).
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5 Conclusions

Higher Education Institutions (HEIs) that decide to have online education offers,
must work hard when designing and implementing this kind of education allowing at-
tracting students to these new form of learning. There are a large number of potential
candidates in the future to attend online courses, and it is up to HEIs to develop the
frequency conditions and communication strategies that will lead these candidates to
opt for these forms of distribution.

The findings of this study suggest that factors like flexibility in time management
and the advantage related to the elimination of trips to school should be considered as
important arguments in the communication strategies about online courses. These strat-
egies are even more important because the target audience of postgraduate online
courses are adults with family and professional responsibilities for whom these factors
have greater importance.

The school reputation and course reputation variables are the result of an aggregate
set of many factors that are not unique to online courses, which, as in face-to-face teach-
ing, constitute variables to be consolidated and developed in the context of practice of
HEIs. With regard to the improvement in the reputation of the school offered by the
online courses, it is expected that the HEIs in relation to online education, the same
type of rigor that they put in face-to-face teaching.

The investment in communication strategies that emphasize the usefulness of online
courses and the perceived ease of use of this form of distribution, usually associated
with the technologies used, may be factors that lead some of those interested in attend-
ing postgraduate training to opt for online courses.

The results obtained need to carry out additional empirical work that can contribute
to amplify or alter the conclusions obtained, so that the conclusions can be generalized
to the universe of all public and private HEIs. The limitations of this study consist of
three main issues. First, the findings and their implications presented here were ob-
tained from a single HEI. Thus, caution is necessary when generalizing the findings to
other user groups or different contexts. Second, responses to the study were voluntary
and thus inevitably subject to self-selection biases. Consequently, users who were in-
terested in, had used, or were currently involved in online courses may have been more
likely to respond to the survey. To resolve this issue, future research efforts should be
conducted to test the proposed model using a large number of students involved in sev-
eral online courses. Third, there may be a need to search for additional variables that
will improve the Online Courses Acceptance Model. Future researchers can investigate
other variables, such as discipline of learners and self-efficacy.

The future work also goes through the deepening of the study on the acceptance
models, orienting it to the following aspects: Investigate the effect of previous experi-
ence of attending online courses; to deepen the comparison between the results obtained
with students who attend online courses and those who attend face-to-face courses.
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