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SPECIAL FOCUS PAPER

AI-Augmented Mobile and Data-Driven Decision 
Making in Business: Mapping Global Research Trends 
for Decent Work, Economic Growth, and Innovation

ABSTRACT
The paper on scientometric analysis contains the study about artificial intelligence (AI)-
improved mobile and data-driven business decision-making and its impact on the Sustainable 
Development Goals (SDG 8: Decent Work and Economic Growth, and SDG 9: Innovation and 
Infrastructure). It is based on 2,443 articles in Scopus (2010–2025) and combines the metrics 
of performance, co-citation networks, and co-occurrence mapping of keywords to understand 
the intellectual basis and the research hotspots. The results show that the number of pub-
lications has been increasing since 2016, a sign of increasing application of AI and mobile 
systems in industry decision support. Based on the co-citation analysis, it identifies four intel-
lectual clusters, including big data and analytics, smart cities, knowledge systems, and IoT 
infrastructures. The keyword analysis targets the cross-sectoral application of AI in business, 
healthcare, and digital governance. Since AI-guided mobile systems will enable making real-
time, predictive, and inclusive decisions, the problems of data bias, ethical leadership, and dig-
ital disparities persist. The research creates awareness of the socio-technical systems theory 
and the theory of affordance, with the need for future research that combines interdisciplinary 
insights and explores Global South contexts and the actual application of AI-based decisions.

KEYWORDS
artificial intelligence (AI), mobile decision-making, data-driven business, sustainable develop-
ment goals, scientometric analysis

1	 INTRODUCTION

The intersection of artificial intelligence (AI), mobile technologies, and data 
analytics has had a long-lasting impact on the way businesses decide in the digital 
age. As being agile and responsive is the need of the digital age, mobile systems 
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AI-tuned provide real-time insights and customized decision support services to 
companies, such as those capable of making decisions based on evidence instead of 
requiring intuition to execute strategies. Today, AI has been established as one of the 
essential enablers of sustainable business, making business processes more efficient, 
streamlining business processes, and becoming more efficient among Americans [1]. 
At the same time, mobile computing users have gained in that it is able to introduce 
more user-centric decision-making (through AI) targets into both adaptive systems 
and user-friendly interfaces, in addition to providing live data access [2].

The effects of this technological breakthrough in the sectors of economic growth and 
entrepreneurship are far-reaching. The rise and development of gig economies, digital 
markets, and decentralized labor systems is facilitated by AI-based mobile applications 
and is facilitating access to income and labor flexibility, which can now be directed 
and expanded, particularly in areas where it is in demand, specifically, in mechanical 
labor [1]. Moreover, AI-based mobile systems inside smart cities and digitally linked 
industrial sectors optimize logistics, labor organization, and service tailoring, and this 
fact has a direct positive impact on innovation and inclusive rise [2]. Mobile and AI 
technologies are still in their maturity, yet they are already highly enhancing the level 
of decision-making in firms and are transformative in creating a work environment 
that is more sustainable and encourages entrepreneurial ecosystems.

Although artificial intelligence-based, mobile, and data-driven decision-making 
systems have attracted incremental interest, existing literature is characterized by 
a lack of interdisciplinary coverage across the information systems, management, 
computer science, economics, and sustainability studies disciplinary silos. Such 
fragmentation is one of the issues with digital transformation research, in which 
developments in AI and mobile analytics are typically engaged with separately, as 
opposed to a single theoretical frame [3]. Though the pieces of evidence of individual 
research are vast and significant, including on mobile-supported decision analytics 
or AI-driven enterprise tools, there is no coherent integration that would trace the 
intellectual, conceptual, and thematic development of the broadly expanding field [4].

The lack of synthesis prevents scholars and practitioners from spotting the fun-
damentals of theories, cross-domain connections, and new frontiers. Additionally, 
cross-sectoral issues like algorithmic management, mobile workforce systems, and 
AI governance tend to develop in parallel courses and therefore cause conceptual 
silos, as opposed to converging [5]. The increased number of publications also com-
plicates even more the idea of identifying knowledge structures underlying writings 
without applying systematic mapping tools such as Ho co-citation or keyword 
co-occurrence analysis [5]–[7].

Since the topic of mobile and AI-aided decision systems is cross-disciplinary in scope 
(and especially as far as Sustainable Development Goals [SDGs] are concerned), the need 
to synthesize it in a structured form is not only timely but also justified. The mapping of 
the intellectual and conceptual territory of this field will be necessary to determine the 
theoretical underpinnings, development of themes, and gaps in research. This has been 
echoed in more recent reviews that have requested multi-perspective analyses that 
involve innovation, digital infrastructure, entrepreneurship, and ethical AI systems [8, 9].  
To cover these gaps, this paper conducts a scientometric review of the literature on the 
topic of AI-augmented mobile and data-driven decision-making in business. The idea is 
to create a synthesized picture of all the global research trends that are in accordance 
with SDG 8 (Decent Work and Economic Growth) as well as SDG 9 (Innovation and 
Infrastructure). The research questions to be answered in this study are as follows:

1.	 RQ1: What are the major trends and growth patterns in the literature on mobile, 
AI-augmented, and data-driven decision-making for economic development?
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2.	 RQ2: What are the core intellectual foundations and clusters in this 
knowledge domain?

3.	 RQ3: How have conceptual and thematic focuses evolved over time?

These questions aim to build a structured and multi-layered understanding of 
the field’s development, drawing on scientometric tools and performance indicators.

The remainder of this paper is organized into five main sections. Section 2 details 
the methodology, including data collection from Scopus, cleaning strategies, and the 
scientometric techniques used. Section 3 presents the findings from trend analysis, 
co-citation networks, and keyword mapping. Section 4 relates theoretical and 
practical implications of the findings with implications for the knowledge and inno-
vation ecosystems. Lastly, Section 5 is the conclusion wherein important insights, 
limitations of the research, and future research directions are given.

2	 MATERIALS AND METHODS

2.1	 Data source and retrieval strategy

The presented research has used the scientometric approach, relying on biblio-
metric records obtained with the help of the Scopus database, which is renowned 
for being a widespread academic index. The search query combined terms related 
to mobile technologies, data-driven decision-making, and business transformation, 
such as TITLE-ABS-KEY (“mobile technology” OR “mobile applications” OR “mobile 
business” OR “mobile commerce” OR “m-commerce” OR “mobile computing” OR 
“mobile decision making” OR ICT OR “information and communication technology”). 
AND TITLE-ABS-KEY (“data-driven decision making” OR “data analytics” OR “business 
analytics” OR “big data” OR “data science” OR “decision support systems” OR “artificial 
intelligence” OR “AI” OR “machine learning”) AND TITLE-ABS-KEY (business OR man-
agement OR enterprise OR organization OR firm OR “digital transformation”). The 
initial search yielded 7,905 documents. Applying inclusion filters—document type 
(articles), language (English), source type (journals), and time range (2010–2025)—
narrowed the corpus to 2,443 relevant publications. The final dataset was exported in 
CSV format for analysis in VOSviewer, as recommended in current bibliometric stud-
ies using Scopus [6] and Biblioshiny [7]. Scopus is used with the thesaurus file to extract 
the documents in a clean format of .csv and a critical step of ensuring consistency in 
the name of an author, institutional affiliation, and other variants of the keywords.

2.2	 Analytical techniques

In this work, the three main bibliometric methods were used:
Trend Analysis (Performance Analysis): Performance of Scholars metrics, 

including annual publication strategies, citation strategies, leading journals, coun-
tries, and institutions, was calculated to define scholarly performance. New indices 
become the benchmarks of intellectual productivity and are customary in the bib-
liometric reviews [9].

Co-Citation Analysis (Intellectual Structure): Co-citation networks of 
authors, sources, and references were made to uncover those knowledge bases 
and intellectual clusters that are influential. This method was performed with the 
help of VOSviewer, which is one of the approved tools to create visual bibliometric 
mapping [7].
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Keyword Co-Occurrence Analysis (Conceptual Structure): It is the concept 
that helped explore the themes of the research and topical trends, segmenting 
frequently used similar keywords. They were analyzed using an overlay visualiza-
tion to assess the change in the themes over the periods. The following visualization 
depicts novel horizons and gaps in research that affect the current state [10].

3	 RESULTS AND DISCUSSION

3.1	 Trend analysis: Annual publications (2010–2025)

The volume of research on mobile, AI-augmented, and data-driven decision- 
making in business contexts has shown a robust upward trajectory over the past 
15 years, as shown in Figure 1. From just 15 documents in 2010, scholarly output 
gradually increased through the 2010s, reaching 74 documents by 2015. This insig-
nificant increase represents the initial stage when mobile technologies, as well as AI 
tools, were just appearing in organizations. Another interesting inflection point was 
between 2016 and 2020, during which, eleven years compared to 80 in 2016, 262 
were produced annually in the span of 2016 to 2020, as machine learning (ML) tools 
and mobile-first enterprise solutions became a mainstream aspect of business [11]. 
The field grew exponentially between 2020 and 2024, with the number of publica-
tions reaching a record-breaking 349 in 2024. This burst is indicative of the growing 
rate of adoption of AI and mobile platforms in business decision-making, specifically 
because of pandemic-related attempts at digital transformation. Some of the drivers 
of this boom are greater investment in digital infrastructure, the use of enterprise AI, 
and the spread of mobile decision-support systems in most industries. The recorded 
drop to 301 publications in 2025 may simply be due to the data collection endpoint 
of the month of August 2025, but not a full calendar year. Such a partial-year capture 
has been identified as one of the methodological shortcomings of other bibliometric 
studies, too [10]. This continuous surge in the number of publications between the 
years 2010 and 2025, as illustrated in Figure 1, proves that the field is maturing and 
gaining prominence in academic exploration as well as business change practices. 
The following currents outline the relevance of such a scientometric synthesis in 
tracking the growth of subject matter, intellectual, and territorial zones of intellec-
tual inquiry activity in this expanding field of interdisciplinary inquiry [7].

Fig. 1. Trend of publications on mobile and data-driven decision-making for SDG 8 (2010–2025)
Source: Analyzed by authors.
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3.2	 Co-citation network and intellectual structure

Co-citation is a bibliometric method of indicating the intellectual organization 
of a scientific discipline through the occurrence of co-citation of two documents. 
The minimum citation threshold was established at 4 in this study, which nar-
rowed the number of references cited from 17,941 to 66. The most relevant ones 
made it possible to identify clusters and map the foundational literature themati-
cally [11], which introduced the basis of IoT-enabled structures to support real-time 
decision-making, and [12], which extended the idea of smart cities that combine 
technology, sustainability, and governance, can be considered seminal. The other 
useful sources are [13] on the topic of big data in the smarter city and [14] on busi-
ness intelligence, which serve as the theoretical foundations of enterprise analytics. 
These sources (refer to Table 1) represent an intersection between computer science, 
urban technology, and management information systems (IS) and the role of digital 
systems in changing decision environments [15].

Table 1. Top 10 most cited references in the co-citation analysis

Rank Cited Reference Citations Total Link Strength

1 [12] 14 6

2 [13] 13 16

3 [14] 11 19

4 [15] 10 2

5 [16] 9 6

6 [17] 9 3

7 [18] 7 4

8 [19] 7 2

9 [20] 7 1

10 [21] 6 13

Source: Compiled by authors.

The co-citation clustering method with a VOSviewer identified four key intellec-
tual clusters in the fast-changing discipline (see Figure 2). Cluster 1 (Red) revolves 
around big data and analytics, with emphasis on works that form the founda-
tion of decision-making changes in terms of volume, velocity, and variety of data. 
Cluster 2 (Green) deals with smart cities and urban technologies with a focus on 
digital governance and infrastructure. Cluster 3 (Blue) involves knowledge systems 
and innovations in the sector, such as smart tourism and organizational learning. 
Cluster 4 (Yellow) has IoT and enabling technology in sensor-based, mobile inte-
grative decision environments. These groups underscore the fact that this area is 
interdisciplinary and requires integrated frameworks that cut across the technical, 
organizational, and societal dimensions [22], [23].

Cluster 1: Big data & analytics (red cluster). The first and the largest intellec-
tual community is that of big data and analytics, which offers the technology and 
theoretical basis of the decision-making of businesses based on a dataset. The main 
developments (including but not exclusive to [15]) characterize the passage between 
data warehousing and business intelligence and predictive analytics and how pre- 
structured and unstructured data can be used to make strategic decisions. There 
are also important and critical questions concerning the social and epistemological 
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aspects of big data that [18] pose regarding the blind trust of algorithm-based  
decisions. Pioneer data-architecture concepts (i.e., the landmark 3 V’s of volume, 
velocity, and variety) remain influential on scaled AI methods. The fact that a report 
was included about how big data can contribute to the economy reflects the shift 
of analytics from a niche affair towards mainstream economic empowerment [23]. 
Collectively, this bunch highlights the descriptive, predictive, and prescriptive 
analytics transformation, which is a new era in enterprise intelligence.

Cluster 2: Smart cities according to urban technology (green cluster). The 
second group is based on the paradigm of the smart city, where digital decision 
systems overlap with city infrastructure and sustainability programs. [13] present a 
proper definition of smart cities and the performance indicators to include in urban 
planning, incorporating such aspects as IoT, data platforms, and citizen involvement 
in the city planning. Similarly, [21] extracts significant differences between smart 
and sustainable cities and addresses environmental and socio-political aspects of 
urbanization. Critical infrastructural literature also falls within this stream, e.g., [24], 
[25], where the use of real-time data streams in assisting more adaptive and efficient 
city-level management is addressed. The focus in this case is on system-level inte-
gration of the transportation, energy, communication, and governance systems 
based on the integration of digital decision support technologies. These readings 
hint at how urban contexts can be used as living laboratories to research mobile 
and algorithm-aided decisions at scale, frequently in accordance with SDG 11 
(Sustainable Cities and Communities).

Cluster 3: Knowledge systems & smart initiatives (blue cluster). This clus-
ter connects knowledge management, organizational learning, and sector- 
specific smart initiatives. A seminal contribution by [26] lays the theoretical foun-
dation for understanding how organizations capture, structure, and apply knowledge 
through decision support systems. The integration of digital knowledge platforms 
in sectors like tourism [27] and public administration [28] shows the adaptability 
of smart decision systems across different economic and social domains. This clus-
ter emphasizes sectoral applications of digital decision-making, including case 
studies such as Barcelona’s smart city model and developments in e-governance 
and smart tourism. The unifying theme is the conversion of data into action-
able knowledge, empowering organizations to make informed decisions through 
systems that blend analytics, human judgment, and contextual insights. This cluster 
thus provides a bridge between technological capability and practical implementa-
tion in the real world.

Fig. 2. Co-citation mapping
Source: VOSviewer.

Cluster 4: Internet of Things (IoT) & enabling technologies (yellow cluster). 
The last group is that of IoT and its contribution as a technical foundation of the 
mobile and AI-enabled decision systems. The pioneering study by [16]–[22] provides 
an in-depth survey regarding the IoT protocols, communication model, and their 
connection with data platforms. These papers explain the fact that sensor networks 
and real-time data capture enable context-aware and place-based decision-making, 
especially in supply chain management, healthcare, and mobility services. Similar 
works by [29]–[34] accentuate the use of IoT in smart city infrastructure with 
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embedded systems and data flow into centralized analytics. This cluster represents 
the lowest-level technological stack, which comprises the sensors, connectivity, and 
cloud stack that enable mobile and AI-enhanced decisions in real-time, responsive, 
and scalable ways. It forms a fundamental component of the industry (Industry 4.0) 
and service sector transformation, particularly in areas that are aiming at develop-
ing digital infrastructure as part of SDG 9 (Industry, Innovation, and Infrastructure).

Table 2 shows the summary table of the four co-citation clusters, including their 
thematic focus, contributions, implications for decision research, and representative 
documents.

Table 2. Summary table: Thematic clusters from co-citation analysis

Cluster Theme Key Contributions Implication for 
Decision Research

Representative  
Documents

1 (Red) Big Data & Analytics Foundational theories 
on business intelligence, 
the 3Vs of big data, and 
socio-technical critique

Anchors decision models 
in high-volume, high-
velocity environments

[13], [14], [18]

2 (Green) Smart Cities & 
Urban Tech

City infrastructure, 
urban informatics, 
sustainability 
vs. smartness

Applies decision systems 
in governance and 
urban planning

[12], [21], 
[24], [25]

3 (Blue) Knowledge Systems Knowledge 
management systems, 
digital ecosystems, 
smart initiatives in 
sectors like tourism & 
governance

Highlights knowledge 
capture & reuse in 
digital decision contexts

[26], [27], 
[28], [29].

4 (Yellow) IoT & Infrastructure Core IoT technologies, 
protocols, fog 
computing, and 
enabling infrastructure 
for smart systems

Supports the technical 
architecture of mobile/
AI decision support

[11], [17], [30]

Source: Compiled by authors.

3.3	 Keyword co-occurrence and conceptual structure

VOSviewer was used to complete a keyword co-occurrence analysis and exam-
ine the conceptual space of AI-augmented and mobile data-driven decision-making 
studies. The analysis indicated trends in the most common keywords that were 
co-occurring, with the central areas of focus and new concepts. As shown in Table 3, 
the most frequently occurring keywords, which appeared at least 49 times, were 
used, which reduced to a total of 59 out of 15,062 keywords that were mapped into 
thematic clusters because of their co-occurrence. According to the visualization 
(Figure 3), three main clusters are shown. Cluster 1 (Red) is dedicated to digital tech-
nology, AI, and smart cities. Cluster 2 (Green) focuses on telemedicine, digital health 
systems, and mobile apps. Cluster 3 (Blue) focuses on clinical trials and demograph-
ics of patients. Such clusters represent the multi-sectoral influence of AI and mobile 
decision systems, which is broad, including business, healthcare, and socio-technical 
research. The most frequent keywords are human (543 times), mobile applications 
(526), and artificial intelligence (517), which are the conceptual cornerstones of the 
research, which are depicted in Figure 3.
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Table 3. Top 10 keywords by occurrences

Rank Keyword Occurrences Total Link Strength

1 humans 543 4323

2 article 472 3936

3 mobile applications 526 3535

4 artificial intelligence 517 2308

5 female 215 2276

6 male 203 2178

7 adult 196 2079

8 machine learning 358 1482

9 controlled study 156 1603

10 big data 337 1030

Source: Compiled by authors.

Cluster 1: Digital technology & data science (red cluster). This group is the 
technological basis of AI-enhanced decision-making, which is supported by big data, 
ML, and cloud computing. Research is devoted to the transformation of the decision 
support systems into the systems of data-driven predictive models rather than 
intuitively based ones and increasing the efficiency and agility [31], [32]. IoT con-
vergence enables the real-time data gathering within such sectors of business and 
healthcare [33]. Mobile computing and digital transformation also enable organiza-
tions to make wise choices using mobile applications and clouds [34]. Smart cities 
demonstrate the use of AI and IoT in the management of cities [35]. The combination 
of AI, IoT, and cloud computing leads to scalability and efficiency [36].

Cluster 2: Digital health systems and tools (green cluster). The area of this 
cluster concentrates on the use of AI and mobile technologies in healthcare with a 
particular emphasis on mobile health (mHealth), telemedicine, and clinical decision 
support systems (CDSS) as supplements to patient care. The use of AI-based solutions 
and mobile devices has improved the process of diagnostics, monitoring patients, 
and access to healthcare, especially in underserved regions [37], [38]. Predictive 
analytics are AI-based tools, as they can enhance clinical decision-making based 
on real-time data [23]. These inventions correspond to SDG 3 (Good Health and 
Well-being), enhancing the individual care and lowering expenditures in healthcare 
[38], [39]. With the future of AI development, it will keep on empowering healthcare 
systems, reducing disparities, and encouraging inclusive care [40].

Cluster 3: Systems research and patient demographics (blue cluster). The 
third group indicates the importance of the demographic segmentation of digital 
health tool evaluation and evidence-based methods. Such keywords as random-
ized controlled trial, controlled study, and quality of life underline that efficient 
clinical studies should be conducted to prove the usage of AI in healthcare [37]. 
Clinical trials will help to make sure that AI-driven health solutions are safe and 
effective. The demographics, such as age, sex, and medical issues, are essential in 
creating personalized AI devices in healthcare so that more effective treatments 
are achieved [33]. This aids in precision medicine, where AI examines information 
about the patient to achieve the best treatment results [23].
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Fig. 3. Coward analysis
Source: VOSviewer.

Table 4 summarizes the most critically relevant themes, contribution keywords, 
and implications for decision research in three primary clusters: Digital Technology 
and Data Sciences, Digital Health Systems and Tools, and Clinical Research and Patient 
Demographics. It emphasizes interdisciplinary characteristics of AI-enhanced deci-
sion-making in the business and health sectors, as well as the changing role of mobile 
technologies and AI in the promotion of innovations, efficiency, and personal solutions.

Table 4. Summary of the coward analysis themes and representative keywords

Cluster Theme Representative  
Keywords Key Contributions Implication for 

Decision Research

Digital 
Technology & 
Data Science 
(Red Cluster)

Big Data, AI, Machine 
Learning, Cloud 
Computing, IoT, 
Smart Cities

Artificial Intelligence, Big 
Data, Cloud Computing, IoT, 
Decision Support Systems, 
Machine Learning, Deep 
Learning, Smart City, 
Technology, Risk Assessment

Transformation from 
intuition-based to data-driven 
decision-making, Integration 
of AI with IoT for real-time 
decision-making in smart 
cities and other sectors

Anchors decision models in 
high-volume, high-velocity 
environments, facilitates 
real-time decision-making, 
Optimizes operations 
and strategic decisions in 
businesses and cities

Digital Health 
Systems & Tools 
(Green Cluster)

Mobile Health (mHealth), 
Clinical Decision 
Support Systems (CDSS), 
Telemedicine, AI in 
Healthcare

Clinical Decision Support 
System, mHealth, 
Mobile Applications, 
Electronic Health Records, 
Telemedicine, Patient 
Care, Health Personnel, 
Smartphone

Integration of AI and mobile 
technologies in healthcare 
systems, significant 
advancements in diagnostics, 
monitoring, and patient care, 
and contribution to SDG 3 
(Good Health and Well-being)

Enhances decision-making 
in healthcare, improves 
patient care and treatment 
through AI-driven tools, 
and addresses healthcare 
accessibility and affordability 
in underserved areas

Clinical Research 
& Patient 
Demographics 
(Blue Cluster)

Clinical Research 
Methodology, 
Demographic 
Factors, Personalized 
Healthcare, Randomized 
Controlled Trials

Randomized Controlled 
Trial, Controlled Study, 
Quality of Life, Aged, Adult, 
Female, Male, Middle Aged, 
Follow-Up, Self-Care

Use of clinical research and 
demographic data to validate 
AI in healthcare, focusing on 
personalized AI tools based 
on demographic segmentation 
and precision medicine

Validates the effectiveness of 
AI-driven healthcare solutions, 
ensures precision medicine 
through demographic data 
integration, and improves 
targeted healthcare delivery

Source: Compiled by authors.
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3.4	 Future frontiers and emerging hotspots

With the development of AI, new trends are being formulated in the areas of 
decision-making, like Generative AI and intelligent workplaces. Generative AI, or 
generating content or solutions, is taking center stage in areas from business strat-
egy to the creative industries [41]. The technology improves the process of decision- 
making as it offers new information, especially within AI-powered collective 
decision-making systems, which assist in overcoming cognitive bias and enhanc-
ing consensus formation [42]. At the same time, intelligent offices are becoming 
more popular, and AI-supported applications such as chatbots and virtual assistants 
are used to streamline the work process and be innovative [43]. Project manage-
ment is also becoming smarter with the use of AI, resulting in the optimization of 
the resources and decisions [44]. In the education sector, AI is changing the teach-
ing profession with individualized learning and smart grading tools to improve 
student engagement and educational performance [45]. With the development of 
such technologies, AI governance will become essential to achieve transparency 
and ethics, with explainable AI (XAI) being prioritized to hold decision-making in 
account [46], [47].

4	 DISCUSSION

The use of AI in decision-making has become very popular in various fields, but 
the studies in this field are very sparse and incontiguous. This paper will examine 
the ways in which AI (especially in mobile technologies and predictive analytics) will 
change the way decisions are made, which will provide real-time data processing 
that will result in more efficient operations. A transformation from intuition-driven 
to data-driven decision-making will be a paradigm shift in the decision-making 
process of organizations because AI will allow making decisions faster and more 
informed [31], [48]. This change will give organizations strategic agility and improve 
employee participation.

Artificial intelligence is closely related to predictive analytics, the minimization of 
human biases, and the optimal use of data in such areas as healthcare, finance, and 
supply chain management. AI tools improve the decision-making process by deliver-
ing insights in real time and aiding data-driven decisions, which ultimately can help 
increase the strategic alignment with the business objectives. Nevertheless, these are 
not without difficulties, especially concerning the privacy of data, the lack of exper-
tise, and the necessity of morally sound AI systems. These issues should be taken care 
of so that AI can be adopted responsibly, especially in the sectors where AI systems 
are becoming more significant in the management of complicated duties [49].

Moreover, the application of AI in decision-making implies the significance 
of the interdisciplinary approach. With a combination of IS, management, and 
sustainability insights, this study identifies that AI is not only beneficial for technical 
efficiency. Social, ethical, and environmental advantages are also provided by AI in 
terms of sustainable business practice. The interdisciplinary combination is crucial 
to organizations that are interested in deploying AI technologies that would meet 
both operational and societal interests [50]–[55].

The aspect of mobile technology that is part of AI adoption also facilitates business 
innovation, whereby organizations have the opportunity to remain ahead of the 
constantly changing market. Regardless of these advancements, the issues related 
to the adoption of AI, including problems with data integration and the threat of 
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displacing the workforce, are still important to future research. AI automation and 
the consideration of human-centered methods should be viewed as the balancing 
aspect of the organization to ensure that business operations do not breach ethical 
standards [49].

5	 CONCLUSION

This paper highlights the radical nature of AI in decision-making, specifically 
in mobile applications and predictive analytics. AI has transformed the business 
strategies by facilitating real-time decision-making, operational effectiveness, and 
data-based insights. The potential of AI in streamlining decision-making, decreas-
ing human bias, and influencing innovation has been observed in the healthcare 
sector, finance sector, and supply chain management. Nevertheless, data privacy 
issues, ethical AI, and employee adaptation are challenges that need to be addressed 
[50], [51]. Although the role of AI keeps expanding, there is a need to conduct new 
studies to understand how AI affects emerging areas such as the Global South and 
the use of AI in a dynamic business environment. Experimental applications of AI 
are the directions to be pursued by future research to assess the practical efficiency 
of these technologies in various fields.
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